APPENDIX C

References

Aarts, E. and Kors, T.J. (1989) Simulated Annealing and Boltzman Machines: a Stochastic Approach to Combinatorial Optimisation and Neural Computing. J. Wiley, New York.

Abramowitz, M. and Stegun, I. (1964) Handbook of Mathematical Functions. Dover, New York.

Ackley, D.H., Hinton, G.E. and Sejnowski, T.J. (1985) A learning algorithm for Boltzmann machines. Cognitive Science 9, 147–169.

Ahrens, J. and Dieter, U. (1974) Computer methods for sampling from gamma, beta, Poisson and binomial distributions. Computing 12, 223–246. Albert, J.H. (1988) Computational methods using a Bayesian hierarchical generalized linear model. J. Amer. Statist. Assoc. 83, 1037–1044. Albert, J.H. and Chib, S. (1993a) Bayes inference via Gibbs sampling of autoregressive time series subject to Markov mean and variance shifts. J. Business Economic Statistics 1, 1–15.

Albert, J.H. and Chib, S. (1993b) Bayesian analysis of binary and polychotomous response data. J. Amer. Statist. Assoc. 88, 669–679. Aldous, D. (1987) On the Markov chain simulation method for uniform combinatorial distributions and simulated annealing. Pr. Eng. Inf. 1, 33–46. Aldous, D. (1990) A Random Walk Construction of Uniform Spanning Trees and Uniform Labelled Trees, SIAM J. Discrete Math. 3, 450–465. Andrieu, C. and Doucet, A. (1998) Simulated annealing for Bayesian estimation of hidden Markov models. Tech. report TR 317, Department of Engineering, University of Cambridge.

Arnold, B.C. and Press, S.J. (1989) Compatible conditional distributions. J. Amer. Statist. Assoc. 84, 152–156.

Asmussen, S. (1979) Applied Probability and Queues. J. Wiley, New York. Asmussen, S., Glynn, P.W. and Thorisson, H. (1992) Stationarity detection in the initial transient problem. ACM Trans. Modelling and Computer Simulations 2, 130–157.

Athreya, K.B., Doss, H. and Sethuraman, J.(1996) On the Convergence of the Markov Chain Simulation Method. Ann. Statist. 24, 69–100. Athreya, K.B. and Ney, P. (1978) A new approach to the limit theory of recurrent Markov chains. Trans. Amer. Math. Soc. 245, 493–501. Atkinson, A. (1979) The computer generation of Poisson random variables. Appl. Statist. 28, 29–35.

Archer, G.E.B. and Titterington, D.M. (1995) Parameter estimation for hidden Markov chains. Tech. report, Dept. of Stat., University of Glasgow. Azencott, R. (1988) Simulated annealing. Séminaire Bourbaki 40ième année, 1987–1988 697.

Barbe, P. and Bertail, P. (1994) The Weighted Bootstrap. Lecture Notes in Statistics 98, New York: Springer-Verlag.

Barndorff-Nielsen, O. (1983) On a formula for the distribution of the maximum likelihood estimator. Biometrika 70, 343-365.

Barndorff-Nielsen, O. (1991) Modified signed log likelihood ratio. Biometrika 78, 557-563.

Barndorff-Nielsen, O. and Cox, D. R. (1994) Inference and Asymptotics. London: Chapman and Hall.

Barone, P. and Frigessi, A. (1989) Improving stochastic relaxation for Gaussian random fields. Biometrics 47, 1473–1487.

Barry, D. and Hartigan, J. (1992) Product partition models for change point problems. Ann. Statist. 20, 260–279.

Barry, D. and Hartigan, J. (1993) A Bayesian analysis of change point problems. J. Amer. Statist. Assoc. 88, 309–319.

Basu, D. (1988) Statistical Information and Likelihood. J.K. Ghosh (Ed.). Springer-Verlag, New York.

Baum, L.E. and Petrie, T. (1966) Statistical inference for probabilistic functions of finite state Markov chains. Ann. Math. Statist. 37, 1554–1563. Baum, L.E., Petrie, T., Soules, G. and Weiss, N. (1970) A Maximization Technique Occurring in the Statistical Analysis of Probabilistic Functions of Markov Chains. Ann. Math. Statist. 41, 164–171.

Bauwens, L. (1984) Bayesian Full Information of Simultaneous Equations Models Using Integration by Monte Carlo. Lecture Notes in Economics and Mathematical Systems 232, Springer-Verlag, New York.

Bauwens, L. (1991) The “pathology” of the Natural Conjugate Prior Density in the Regression Model. Annales Eco. et Statist. 23, 49-64. Bauwens, L. and Richard, J.F. (1985) A 1-1 Poly-t random variable generator with application to Monte Carlo integration. J. Econometrics 29, 19–46. Bennett, J.E., Racine-Poon, A. and Wakefield, J.C. (1996) MCMC for nonlinear hierarchical models. In Markov chain Monte Carlo in Practice, W.R. Gilks, S.T. Richardson and D.J. Spiegelhalter (Eds.), 339–358. London: Chapman and Hall.

Bergé, P., Pommeau, Y. and Vidal, C. (1984) Order Within Chaos. New York: Wiley.

Berger, J.O. (1985) Statistical Decision Theory and Bayesian Analysis (2nd edition). New York: Springer-Verlag.

Berger, J.O. (1990) Robust Bayesian analysis: sensitivity to the prior. J. Statist. Plann. Inference 25, 303–328.

Berger, J.O. (1994) An overview of of robust Bayesian analysis (with discussion). TEST 3, 5–124.

Berger, J.O., Philippe, A. and Robert, C.P. (1998) Estimation of quadratuc functions: reference priors for non-centrality parameters. Statistica Sinica 8(2), 359–375.

Berger, J.O. and Wolpert, R. (1988) The Likelihood Principle (2nd edition). IMS Lecture Notes — Monograph Series 9, Hayward, California. Bernardo, J.M. and Giròn, F.J. (1986) A Bayesian approach to cluster analysis. In Second Catalan International Symposium on Statistics, Barcelona, Spain. Bernardo, J.M. and Giròn, F.J. (1988) A Bayesian analysis of simple mixture problems. In Bayesian Statistics 3, J.M. Bernardo, M.H. DeGroot, D.V. Lindley and A.F.M. Smith (Eds.), 67–78. Oxford University Press, Oxford. Bernardo, J.M. and Smith, A.F.M. (1994) Bayesian Theory. J. Wiley, New York.

Beran, R. (1977) Minimum Hellinger distance estimates for parametric models. Ann. Statist. 5, 445–463.

Besag, J. (1974) Spatial interaction and the statistical analysis of lattice systems (with discussion). J. Roy. Statist. Soc. Ser. B 36, 192–326. Besag, J. (1989) Towards Bayesian image analysis. J. Applied Statistics 16, 395–407.

Besag, J.E. (1994) Discussion of “Markov chains for exploring posterior distributions”. Ann. Statist. 22, 1734-1741.

Besag, J. and Green, P.J. (1993) Spatial Statistics and Bayesian computation (with discussion). J. Roy. Statist. Soc. Ser. B 55, 25–38.

Besag, J., Green, E., Higdon, D. and Mengersen, K.L. (1995) Bayesian computation and stochastic systems (with discussion). Statistical Science 10, 3–66. Besag, J. and Mengersen, K.L. (1993) Meta-Analysis via Markov Chain Monte Carlo methods. Tech. report, Dept. of Statistics, Colorado State Univ. Best, D.J. (1978) Letter to the editor. Applied Statistics (Ser. C) 27, 181. Best, N.G., Cowles, M.K. and Vines, K. (1995) CODA: Convergence Diagnosis and Output Analysis software for Gibbs sampling output, Version 0.30. Tech. report, MRC Biostatistics Unit, Univ. of Cambridge.

Billingsley, P. (1968) Convergence of Probability Measures. New York: Wiley. Billingsley, P. (1995) Probability and Measure (3rd edition). New York: Wiley. Billio, M. and Monfort, A. (1995) Switching state space models. Doc. travail CREST no. 9557, Insee, Paris.

Billio, M., Monfort, A. and Robert, C.P. (1998a) Bayesian Estimation of Switching ARMA Models. J. Econometrics (to appear).

Billio, M., Monfort, A. and Robert, C.P. (1998b) The Simulated Likelihood Ratio Method, Doc. travail CREST, INSEE, Paris. Binder, D. (1978) Bayesian cluster analysis. Biometrika 65, 31–38. Boch, R.D. and Aitkin, M. (1981) Marginal maximum likelihood estimation of item parameters: Application of an EM algorithm. Psychometrika 46, 443– 459.

Bollerslev, T., Chou, R.Y. and Kroner, K.F. (1992) ARCH modeling in finance. A review of the theory and empirical evidence. J. Econometrics 52, 5–59. Booth, J.G., Hobert, J.P. and Ohman, P.A. (1999) On the probable error of the ratio of two gamma means. Biometrika (to appear).

Bosq, D. and Lecoutre, J.P. (1988) Théorie de l’Estimation Fonctionnelle. Economica, Paris.

Bouleau, N. and Lépingle, D. (1994) Numerical Methods for Stochastic Processes. New York: Wiley.

Box, G.E.P. and Muller, M. (1958) A note on the generation of random normal variates. Ann. Math. Statist. 29, 610–611.

Boyles, R.A. (1983) On the convergence of the EM algorithm. J. Roy. Statist. Soc. Ser. B 45, 47–50.

Bradley, R.C. (1986) Basic properties of strong mixing conditions. In Dependence in Probability and Statistics, E. Ebberlein and M. Taqqu (Eds.), 165–192. Birkhäuser, Boston.

Breslow, N.E. and Clayton, D.G. (1993) Approximate inference in generalized linear mixed models. J. Amer. Statist. Assoc. 88, 9–25.

Brockwell, P.J. and Davis, P.A. (1996) Introduction to Time Series and Forecasting, Springer Texts in Statistics, Springer, New York.

Broniatowski, M., Celeux, G. and Diebolt, J. (1983) Reconnaissance de mélanges de densités par un algorithme d’apprentissage probabiliste. In Data Analysis and Informatics 3, E. Diday (Ed.). North-Holland, Amsterdam. Brooks, S.P. (1998a) Markov Chain Monte Carlo and its Application, The Statistician 47, 69–100.

Brooks, S.P. (1998b) MCMC Convergence Diagnosis via Multivariate Bounds on Log-Concave Densities. Ann. Statist. 26, 398–433.

Brooks, S.P. (1998c) Quantitative Convergence Diagnosis for MCMC via CUSUMS. Statistics and Computing 8(3), 267–274.

Brooks, S.P., Dellaportas, P. and Roberts, G.O. (1997) A total variation method for diagnosing convergence of MCMC algorithms. J. Comput. Graph. Statist. 6, 251–265.

Brooks, S.P. and Gelman, A. (1998) Alternative methods for monitoring convergence of iterative simulations. J. Comput. Graph. Statist. (to appear). Brooks, S.P. and Roberts, G.O. (1997) On Quantile Estimation and MCMC Convergence. Tech. report, University of Bristol.

Brooks, S.P and Roberts, G. (1998) Assessing convergence of Markov chain Monte Carlo algorithms. Statistics and Computing (to appear). Brown, L.D. (1971) Admissible Estimators, Recurrent Diffusions, and Insoluble Boundary-Value Problems, Ann. Math. Statist. 42, 855–903. Brown, L.D. (1986) Foundations of Exponential Families. IMS Lecture Notes — Monograph Series 6, Hayward, California.

Brownie, C., Hines, J.E., Nichols, J.D., Pollock, K.H. and Hestbeck, J.B. (1993) Capture-recapture studies for multiple strata including non-Markovian transition probabilities. Biometrics 49, 1173-1187.

Bucklew, J.A. (1990) Large Deviation Techniques in Decision, Simulation and Estimation. New York: Wiley.

Burnham, K.D., Anderson, D.R., White, G.C., Brownie C. and Pollock, K.H. (1987) Design and analysis methods for fish survival experiments based on release-recapture. American Fisheries Society Monograph 5. Carlin, B.P. (1992) State space modeling of non-standard actuarial time series. Insurance: Mathematics and Economics 11, 209–222.

Carlin, B.P. and Chib, S. (1995) Bayesian model choice through Markov-Chain Monte Carlo. J. Royal Statist. Soc. (Ser. B), 57(3), 473–484.

Carlin, B.P. and Gelfand, A. (1990) Approaches for Empirical Bayes Confidence Intervals. J. Amer. Statist. Assoc. 85, 105–114.

Carlin, B.P. and Gelfand, A. (1991a) A sample reuse method for accurate parametric empirical Bayes confidence intervals. J. Roy. Statist. Soc. Ser. B 53, 189–200.

Carlin, B.P. and Gelfand, A. (1991b) An iterative Monte Carlo method for nonconjugate Bayesian analysis. Statist. Comput. 1, 119–128. Carlin, B.P., Gelfand, A.E., and Smith, A.F.M. (1992) Hierarchical Bayesian analysis of change point problems. Applied Statistics (Ser. C) 41, 389–405. Carlin, B.P. and Louis, T.A. (1996) Bayes and Empirical Bayes Methods for Data Analysis. London: Chapman and Hall.

Carlin, B.P., and Polson, N.G. (1991) Inference for nonconjugate Bayesian models using the Gibbs sampler. Canadian Journal of Statistics 19, 399–405. Carlin, B.P. and Gelfand, A.E. (1991) An Iterative Monte Carlo Method for Nonconjugate Bayesian Analysis. Statistics and Computing 1, 119-28. Carlin, J.B. (1992) Meta-Analysis for 2 x 2 Tables: a Bayesian Approach. Statistics in Medecine 11, 141-59.

Carroll, R.J., Küchenhoff, H., Lombard, F. and Stefanski, L.A. (1996) Asymptotics for the SIMEX estimator in nonlinear measurement error models. J. Amer. Statist. Assoc. 91, 242–250.

Carroll, R.J. and Lombard, F. (1985) A note on N estimators for the binomial distribution. J. Amer. Statist. Assoc. 80, 423–426.

Carroll, R.J., Ruppert, D. and Stefanski, L.A. (1995) Measurement error in nonlinear models. London: Chapman and Hall.

Casella, G. (1986) Stabilizing binomial n estimators. J. Amer. Statist. Assoc. 81 171–175.

Casella, G. (1996) Statistical theory and Monte Carlo algorithms (with discussion) TEST 5 249-344.

Casella, G. and Berger, R. (1990) Statistical Inference. Wadsworth, Belmont, California.

Casella, G. and Berger, R. (1994) Estimation with selected binomial information or do you really believe that Dave Winfield is batting .471? J. Amer. Statist. Assoc. 89, 1080–1090.

Casella, G. and George, E.I. (1992) An introduction to Gibbs sampling. Ann. Math. Statist. 46, 167–174.

Casella, G. and Robert, C.P. (1995) Recycling in accept-reject algorithms. Note aux Comptes–Rendus de l’Académie des Sciences 321(12), 421–426. Casella, G. and Robert, C.P. (1996) Rao-Blackwellisation of sampling schemes. Biometrika 83(1), 81–94.

Casella, G. and Robert, C.P. (1998) Post-processing accept-reject samples: recycling and rescaling. J. Comput. Graph. Statist. 7(2), 139–157. Castledine, B. (1981) A Bayesian analysis of multiple-recapture sampling for a closed population. Biometrika 67, 197–210.

Celeux, G., Chauveau, D. and Diebolt, J. (1996) Stochastic Versions of the EM Algorithm: An Experimental Study in the Mixture Case. J. Statist. Comput. Simul. 55(4), 287–314.

Celeux, G. and Clairambault, J. (1992) Estimation de chaînes de Markov cachées: méthodes et problèmes. In Approches Markoviennes en Signal et Images, GDR CNRS Traitement du Signal et Images, 5–19.

Celeux, G. and Diebolt, J. (1985) The SEM algorithm: a probabilistic teacher algorithm derived from the EM algorithm for the mixture problem. Comput. Statist. Quater. 2, 73–82.

Celeux, G. and Diebolt, J. (1990) Une version de type recuit simulé de l’algorithme EM. Notes aux Comptes Rendus de l’Académie des Sciences 310, 119–124. Celeux, G. and Diebolt, J. (1992) A classification type EM algorithm for the mixture problem. Stochastics and Stochastics Reports 41, 119–134. Cellier, D. (1996) Comptage et méthodes de Monte Carlo par chaînes de Markov. Notes de cours, Université de Rouen.

Chaitin, G. J. (1982) Algorithmic information theory. In Encyclopedia of Statistical Sciences 1, 38–41.

Chaitin, G. J. (1988) Randomness in arithmetic. Scient. Amer. 259, 80–85. Chan, K.S. and Geyer, C.J. (1994) Discussion of “Markov chains for exploring posterior distribution”. Ann. Statist. 22, 1747–1758.

Chauveau, D. and Diebolt, J. (1997) MCMC Convergence Diagnosis via the Central Limit Theorem. Tech. report no. 22/97, Université Marne-la-Vallée. Chauveau, D., Diebolt, J. and Robert, C.P. (1998) Control by the Central Limit theorem. In Discretization and MCMC convergence assessment, C.P. Robert (Ed.), Chapter 5, 99–126. Lecture Notes in Statistics, Springer-Verlag, New York.

Chen, M.H. and Schmeiser, B.W. (1993) Performances of the Gibbs, Hit-and- Run, and Metropolis samplers. J. Comp. Graph Statist. 2, 251–272. Chen, M.H. and Schmeiser, B.W. (1998) Towards black-box sampling. J. Comp. Graph Statist. 7, 1–22.

Chen, R. and Li, T.H. (1993) Blind restoration of linearly degraded discrete signals via Gibbs sampler. Tech. report, Texas A& M Uni., Dept. of Statistics. Chen, M.M. and Shao, Q.M. (1997) On Monte Carlo Methods for Estimating Ratios of Normalizing Constants. Ann. Statist. 25, 1563–1594. Cheng, B. and Titterington, D.M. (1994) Neural networks: A review from a statistical point of view (with discussion). Stat. Science 9, 2–54. Cheng, R.C.H. (1977) The generation of gamma variables with non-integral shape parameter. Applied Statistics (Ser. C), 26, 71–75.

Cheng, R.C.H. and Feast, G. (1979) Some simple gamma variate generators. Appl. Statist. 28, 290–295.

Chernoff, H. and Zacks, S. (1964) Estimating the current mean of a normal distribution which is subjected to changes in time. Ann. Math. Statist. 35, 999–1018.

Chib, S. (1992) Bayes inference in the tobit censored regression model. J. Econometrics 51, 79–99.

Chib, S. (1995) Marginal likelihood from the Gibbs output. J. Amer. Statist. Assoc. 90 1313–1321.

Chib, S. (1996) Calculating posterior distributions and modal estimates in Markov mixture models. J. Econometrics 75, 79-97.

Chib, S. and Greenberg, E. (1995) Understanding the Metropolis–Hastings algorithm. Ann. Math. Statist. 49, 327–335.

Chung, K.L. (1960) Markov Processes with Stationary Transition Probabilities. Springer-Verlag, Heidelberg.

Churchill, G.A. (1989) Stochastic models for heterogeneous DNA sequences. Bull. Math. Biol. 51, 79–94.

Churchill, G.A. (1995) Accurate Restoration of DNA Sequences (with discussion). In Case Studies in Bayesian Statistics, C. Gatsonis, J.S. Hodges, R.E. Kass and N.D. Singpurwalla (Eds.), Vol. II, 90–148. Springer, New York. Cipra, B.A. (1987) An introduction to the Ising model. American Mathematical Monthly 94, 937–959.

Clayton, D.G. (1996) Generalized linear mixed models. In Markov Chain Monte Carlo in Practice, W.R. Gilks, S. Richardson, and D.J. Spiegelhalter (Eds.), 275–301. Chapman and Hall, London.

Cocozza-Thivent, C. and Guédon, Y. (1990) Explicit state occupancy modeling by hidden semi-Markov models: application of Derin’s scheme. Comput. Speech Lang. 4, 167–192.

Cook, J.R. and Stefanski, L.A. (1994) Simulation-extrapolation estimation in parametric measurement error models. J. Amer. Statist. Assoc. 89, 1314– 1328.

Cowles, M.K. and Carlin, B.P. (1996) Markov Chain Monte Carlo convergence diagnostics: a comparative study. J. Amer. Statist. Assoc. 91, 883–904. Cowles, M.K. and Rosenthal, J.S. (1998) A Simulation Approach to Convergence Rates for Markov Chain Monte Carlo. Statistics and Computing 8, 115–124.

Crawford, S.L., DeGroot, M.H., Kadane, J.B. and Small, M.J. (1992) Modelling lake-chemistry distributions: Approximate Bayesian methods for estimating a finite-mixture model. Technom. 34, 441–453. Cressie, N. (1993) Spatial Statistics. New York: Wiley.

Copas, J. B. (1975) On the unimodality of the likelihood for the Cauchy distribution. Biometrika 62 701–704.

Cox, D.R. and Miller, M.D. (1965) The Theory of Stochastic Processes. Methuen and Co. Ltd, London.

Dacunha-Castelle, D. and Duflo, M. (1982) Probabilités and Statistiques 1 : Problèmes à temps fixe. Masson, Paris.

Dacunha-Castelle, D. and Gassiat, E. (1995) The estimation of the order of a mixture model. Prepublication 95-60, Uni. Paris-Sud, Mathématiques. Damien, P. and Walker, S. (1996) Sampling probability densities via uniform random variables and a Gibbs sampler. Tech. report, Business School, University of Michigan.

Damien, P., Wakefield, J. and Walker, S. (1997) Gibbs Sampling for Bayesian Nonconjugate and Hierarchical Models Using Auxiliary Variables. Tech. report, Business School, University of Michigan.

Daniels, H. E. (1954) Saddlepoint approximations in statistics. Ann. Math. Statist. 25, 631-650.

Daniels, H. E. (1980) Exact saddlepoint approximations. Biometrika 67, 59- 63.

Daniels, H. E. (1983) Saddlepoint approximations for estimating equations. Biometrika 70, 89-96.

Daniels, H. E. (1987) Tail Probability Approximations. International Statistical Review 55, 37–48.

Dawid, A.P. and Lauritzen, S.L. (1993) Hyper Markov Laws in the Statistical Analysis of Decomposable Graphical Models. Ann. Statist. 21, 1272-1317. Dawid, A.P., Stone, N. and Zidek, J.V. (1973) Marginalization Paradoxes in Bayesian and Structural Inference (with discussion). J. Roy. Statist. Soc. Ser. B 35, 189–233.

Davies, R.B. (1977) Hypothesis testing when a nuisance parameter is present only under the alternative. Biometrika 64, 247–254.

Davydov, Y.A. (1973) Mixing conditions for Markov chains. Theory Probab. Appl. 18, 312–328.

Decoux, C. (1997) Estimation de modèles de semi-chaînes de Markov cachées par échantillonnage de Gibbs. Revue de Statistique Appliquée 45, 71–88. Dellacherie, C. (1978) Nombres au hasard : de Borel à Martin-Loef. Préprint, Institut de Mathématique, Uni. Louis Pasteur, Strasbourg. Dellaportas, P. (1995) Random variate transformations in the Gibbs sampler: Issues of efficiency and convergence. Statis. Comput. 5, 133–140. Dellaportas, P. and Foster, J.J. (1996) Markov Chain Monte Carlo Model Determination for Hierarchical and Graphical Log-Linear Models. Technical Report, University of Southampton.

Dellaportas, P. and Smith, A.F.M. (1993) Bayesian inference for generalised linear and proportional hazards models via Gibbs sampling. Appl. Statist. 42, 443–459.

Dette, H. and Studden, W.J. (1997) The Theory of Canonical Moments with Applications in Statistics, Probability and Analysis. New York: Wiley. Dempster, A.P., Laird, N.M. and Rubin, D.B. (1977) Maximum likelihood from incomplete data via the EM algorithm (with discussion). J. Roy. Statist. Soc. Ser. B 39, 1–38.

Denison, D.G.T., Mallick, B.K. and Smith, A.F.M. (1998) Automatic Bayesian curve fitting. J. Roy. Statist. Soc. Ser. B 60, 333–350.

Devroye, L. (1981) The computer generation of Poisson random variables. Computing 26, 197–207.

Devroye, L. (1985) Non-Uniform Random Variate Generation. New York: Springer-Verlag.

Diaconis, P. and Hanlon, P. (1992) Eigen analysis for some examples of the Metropolis algorithm. Contemporary Mathematics 138, 99-117. Diaconis, P. and Holmes, S. (1994) Gray codes for randomization procedures. Statistics and Computing 4, 287–302.

Diaconis, P. and Sturmfels, B. (1998) Algebraic algorithms for sampling from conditionnal distributions. Ann. Statist. 26 363–397.

Diaconis, P. and Ylvisaker, D. (1979) Conjugate Priors for Exponential families. Ann. Statist. 7, 269–281.

DiCiccio, T. J. and Martin, M. A. (1993) Simple modifications for signed roots of likelihood ratio statistics. J. Roy. Statist. Soc. Ser. B 55, 305-316.

Dickey, J.M. (1968) Three multidimensional integral identities with Bayesian applications. Ann. Statist. . 39, 1615–1627.

Diebold, D. and Nerlove, M. (1989) The dynamic of exchange rate volatility: a multivariate latent factor ARCH model. J. Applied Econom. 4, 1–22. Diebolt, J. and Celeux, G. (1993) Asymptotic properties of a Stochastic EM algorithm for estimating mixture proportions. Stochastics Models 9, 599–613. Diebolt, J. and Ip, E.H.S. (1996) Stochastic EM: method and application. In Markov Chain Monte Carlo in Practice, W.R. Gilks, S. Richardson, and D.J. Spiegelhalter (Eds.), 259–274. Chapman and Hall, London. Diebolt, J. and Robert, C.P. (1990a) Bayesian estimation of finite mixture distributions, Part I: Theoretical aspects. Rapport tech. # 110, LSTA, Uni. Paris VI.

Diebolt, J. and Robert, C.P. (1990b) Estimation des paramètres d’un mélange par échantillonnage bayésien. Notes aux Comptes–Rendus de l’Académie des Sciences I 311, 653–658.

Diebolt, J. and Robert, C.P. (1990c) Bayesian estimation of finite mixture distributions, Part II: Sampling implementation. Rapport tech. # 111, LSTA, Uni. Paris VI.

Diebolt, J. and Robert, C.P. (1993) Discussion of “Bayesian computations via the Gibbs sampler” by A.F.M. Smith and G. Roberts. J. Roy. Statist. Soc. Ser. B 55, 71–72.

Diebolt, J. and Robert, C.P. (1994) Estimation of finite mixture distributions by Bayesian sampling. J. Roy. Statist. Soc. Ser. B , 56, 363–375. Dobson, A.J. (1983) An Introduction to Statistical Modelling. London: Chapman and Hall.

Dobson, A.J. (1990) An Introduction to Generalized Linear Models. London: Chapman and Hall.

Dodge, Y. (1996) A natural random number generator. Int. Statist. Rev. 64 329–344.

Doob, J. (1953) Stochastic Processes. New York: Wiley.

Doukhan, P., Massart, P. and Rio, E. (1994) The functional central limit theorem for strongly mixing processes. Annales de l’I.H.P. 30, 63–82. Draper, D. (1998) Bayesian Hierarchical Modeling. In preparation. Duflo, M. (1990) Méthodes Récursives Aléatoires. Masson, Paris. Duflo, M. (1994) Algorithmes Stochastiques. Coll. Mathématiques et Applications, 23. Springer-Verlag, Berlin.

Duflo, M. (1996) Random Iterative Models. Applications of Mathematics (I. Karatzas and M. Yor, eds.), vol. 34. Springer-Verlag, Berlin. Dupuis, J.A. (1995a) Analyse stochastique bayésienne de modèles de capturerecapture. Thèse de Doctorat de l’Université Paris 6.

Dupuis, J.A. (1995b) Bayesian estimation of movement probabilities in open populations using hidden Markov chains. Biometrika 82(4), 761–772. Dupuis, J.A. (1998) Estimation bayésienne de modèles multi-états markoviens: une application en dynamique des populations. In Statistique Bayésienne, J.J. Droesbeke, J. Fine and G. Saporta (Eds.). Editions Technip, Bruxelles (to appear).

Dupuis, J.A. and Robert, C.P. (1996) Model choice and variable selection in capture-recapture experiments. Rapport tech., Univ. de Rouen. Durrett, R. (1988) Lecture Notes on Particle Systems and Percolation. Wadsworth, Belmont, California.

Durrett, R. (1991) Probability: Theory and Examples. Wadsworth and Brooks/ Cole, Pacific Grove, California.

Dykstra, R.L. and Robertson, T. (1982) An algorithm for isotonic regression for two or more independent variables. Ann. Statist. 10, 708–716. Eaton, M.L. (1992) A Statistical Dyptich: Admissible Inferences – Recurrence of Symmetric Markov Chains. Ann. Statist. 20, 1147–1179. Eberly, L. E. (1997) Convergence of interval estimates from the Gibbs sampler. Ph. D. Thesis, Biometrics Unit, Cornell University, Ithaca, NY 14853. Eberly, L. E. and Casella, G. (1998) MCMC-generated Bayesian credible intervals. Technical Report, Department of Biostatistics, University of Minnesota. Efron, B. (1979a) Bootstrap methods: another look at the jacknife. Ann. Statist. 7, 1–26.

Efron, B. (1979b) Computers and the theory of Statistics: Thinking the unthinkable. SIAM Review, vol. 21, pp. 460–480.

Efron, B. (1981) Nonparametric standard errors and confidence intervals (with discussion). Can. J. Statist. 9 139-172.

Efron, B. (1982) The Jacknife, the Bootstrap and Other Resampling Plans. Regional Conference in Applied Mathematics, 38. SIAM, Philadelphia. Efron, B. and Tibshirani, R.J. (1994) An Introduction to the Bootstrap. London: Chapman and Hall.

Enders, W. (1994) Applied Econometric Time Series. New York: Wiley. D’Epifanio, G. (1989) Un approccio all’inferenza basato sulla ricerca di un punto fisso. Metron 47, 1–4.

D’Epifanio, G. (1996) Notes on a recursive procedure for point estimate. TEST 5, 203–225.

Escobar, M.D. (1994) Estimating normal means with a Dirichlet process prior. J. Amer. Statist. Assoc. 89, 363–386.

Escobar, M.D. and West, M. (1995) Bayesian prediction and density estimation. J. Amer. Statist. Assoc. 90, 577–588.

Ethier, S.N. and Kurtz, T.G. (1986) Markov processes: Characterization and Convergence. New York: Wiley.

Evans, G. (1993) Practical Numerical Integration. New York: Wiley. Evans, M. and Swartz, T. (1995) Methods for approximating integrals in Statistics with special emphasis on Bayesian integration problems. Statist. Sci. 10, 254–272.

Everitt, B.S. (1984) An Introduction to Latent Variable Models. London: Chapman and Hall.

Fan, J. and Gijbels, I. (1996) Local Polynomial Modelling and its Applications London: Chapman and Hall.

Fang, K.T. and Wang, Y. (1994) Number-Theoretic Methods in Statistics. London: Chapman and Hall.

Feller, W. (1970) An Introduction to Probability Theory and its Applications, Vol. 1. New York: Wiley.

Feller, W. (1971) An Introduction to Probability Theory and its Applications, Vol. 2. New York: Wiley.

Ferguson, T.S. (1978) Maximum likelihood estimates of the parameters of the Cauchy distribution for samples of size 3 and 4. J. Amer. Statist. Assoc. 73, 211–213.

Ferguson, T.S. (1996) A Course in Large Sample Theory. London: Chapman and Hall.

Ferrenberg, A.M., Landau, D.P. and Wong, Y.J. (1992) Monte Carlo simulations: hidden errors from “good” random number generators. Physical Review Letters 69(23), 3382–3385.

Field, C. and Ronchetti, E. (1990) Small Sample Asymptotics. Hayward, CA: Institute of Mathematical Statistics Lecture Notes.

Fieller, E.C. (1954) Some problems in interval estimation. J. Roy. Statist. Soc. Ser. B 16, 175–185.

Fienberg, S.E. (1977) The Analysis of Cross-Classified Categorical Data. The MIT Press, Cambridge, Massachusetts.

Fill, J.A. (1991) Eigenvalue bounds on convergence to stationarity for non reversible Markov chains with applications to the exclusion process. Ann. Applied Prob. 1, 62–87.

Fill, J.A. (1998a) An Interruptible Algorithm for Exact Sampling via Markov Chains. Ann. Applied Prob. 8, 131–162.

Fill, J.A. (1998b) The Move-to Front Rule: A Case study for Two Perfect Sampling Algorithms. Proba. Eng. Info. Scis. (to appear). Finch, S.J, Mendell, N.R. and Thode, H.C. (1989) Probabilistic measures of adequacy of a numerical search for a global maximum. J. Amer. Statist. Assoc. 84, 1020–1023.

Fishman, G.S. (1996) Monte Carlo. New York: Springer-Verlag. Fletcher, R. (1980) Practical Methods of Optimization (Vol. 1) New York: Wiley.

Gamboa, F. and Gassiat, E. (1997) Blind deconvolution of discrete linear systems. Ann. Statist. 24 1964–1981.

Gamerman, D. (1997) Markov Chain Monte Carlo. London: Chapman and Hall.

Gassiat, E. (1994) Déconvolution aveugle de systèmes linéaires discrets bruités. Notes aux Comptes Rendus de l’Académie des Sciences I 319, 489–492. Gassiat, E. (1995) Déconvolution aveugle d’un système non-causal. Matapli 45, 45–54.

Garren, S.T. and Smith, R.L. (1993) Convergence diagnostics for Markov chain samplers. Tech. report, Department of Statistics, U. of North Carolina. Gauss, C.F. (1810) Méthode des Moindres Carrés. Mémoire sur la Combination des Observations. Transl. J. Bertrand. Mallet-Bachelier, Paris (1955). Gaver, D.P. and O’Muircheartaigh, I.G. (1987) Robust empirical Bayes analysis of event rates. Technom. 29, 1–15.

Gelfand, A.E. and Dey, D. (1994) Bayesian model choice: asymptotics and exact calculations. J. Royal Statist. Soc. (Ser. B) 56, 501–514. Gelfand, A.E., Hills, S., Racine-Poon, A. and Smith, A.F.M. (1990) Illustration of Bayesian inference in normal data models using Gibbs sampling. J. Amer. Statist. Assoc. 85, 972–982.

Gelfand, A.E. and Sahu, S.K. (1994) On Markov chain Monte Carlo acceleration. J. Comput. Graph. Statist. 3(3), 261–276.

Gelfand, A.E., Sahu, S.K. and Carlin, B.P. (1995) Efficient parametrization for normal linear mixed models. Biometrika 82, 479-488.

Gelfand, A.E., Sahu, S.K. and Carlin, B.P. (1996) Efficient parametrizations for generalised linear mixed models (with discussion). In Bayesian Statistics 5, J.M. Bernardo, J.O. Berger, A.P. Dawid and A.F.M. Smith (Eds.), 165–180. Oxford University Press, Oxford.

Gelfand, A.E. and Smith, A.F.M. (1990) Sampling based approaches to calculating marginal densities. J. Amer. Statist. Assoc. 85, 398–409. Gelfand, A.E. and Smith, A.F.M. (1998) Bayesian Computation. J. Wiley (to appear).

Gelfand, A.E., Smith, A.F.M. and Lee, T.M. (1992) Bayesian analysis of constrained parameters and truncated data problems using Gibbs sampling. J. Amer. Statist. Assoc. 87, 523–532.

Gelman, A. (1996) Inference and monitoring convergence. In Markov Chain Monte Carlo in Practice, W.R. Gilks, S. Richardson, and D.J. Spiegelhalter (Eds.), 131–143. Chapman and Hall, London.

Gelman, A., Gilks, W.R. and Roberts, G.O. (1996) Efficient Metropolis jumping rules. In Bayesian Statistics 5, J.O. Berger, J.M. Bernardo, A.P. Dawid, D.V. Lindley and A.F.M. Smith (Eds.), 599–608. Oxford University Press, Oxford.

Gelman, A. and Meng, X.L. (1998) Simulating normalizing constants: From importance sampling to bridge sampling to path sampling. Statist. Sci. 13 163-185.

Gelman, A. and Rubin, D.B. (1992) Inference from iterative simulation using multiple sequences (with discussion). Statist. Sci. 7, 457–511. Gelman, A. and Speed, T.P. (1993) Characterizing a joint probability distribution by conditionals. J. Roy. Statist. Soc. Ser. B 55, 185–188. Geman, S. and Geman, D. (1984) Stochastic relaxation, Gibbs distributions and the Bayesian restoration of images. IEEE Trans. Pattern Anal. Mach. Intell. 6, 721–741.

George, E.I., Makov, U. and Smith, A.F.M. (1993) Scandinavian J. Statist. 20 147–156.

George, E.I. and Robert, C.P. (1992) Calculating Bayes estimates for capturerecapture models. Biometrika 79(4), 677–683 Geweke, J. (1988) Antithetic acceleration of Monte Carlo integration in Bayesian inference. J. Econometrics 38, 73–90.

Geweke, J. (1989) Bayesian inference in econometric models using Monte Carlo integration. Econometrica 57, 1317–1340.

Geweke, J. (1991) Efficient simulation from the multivariate normal and Studentt distributions subject to linear constraints. Computer Sciences and Statistics: Proc. 23d Symp. Interface, 571–577.

Geweke, J. (1992) Evaluating the accuracy of sampling-based approaches to the calculation of posterior moments (with discussion). In Bayesian Statistics 4, J.M. Bernardo, J.O. Berger, A.P. Dawid and A.F.M. Smith (Eds.), 169–193. Oxford University Press, Oxford.

Geyer, C.J. (1992) Practical Monte Carlo Markov Chain (with discussion). Statist. Sci. 7, 473–511.

Geyer, C.J. (1993) Estimating normalizing constants and reweighting mixtures in Markov chain Monte Carlo. Tech. report 568, School of Statistics, Univ. of Minnesota.

Geyer, C.J. (1994) On the convergence of Monte Carlo maximum likelihood calculations. J. R. Statist. Soc. B 56, 261-274.

Geyer, C.J. (1995) Conditioning in Markov Chain Monte Carlo. J. Comput. Graph. Statis. 4, 148–154.

Geyer, C.J. (1996) Estimation and optimization of functions. In Markov chain Monte Carlo in Practice, W.R. Gilks, S.T. Richardson and D.J. Spiegelhalter (Eds.), 241–258. London: Chapman and Hall.

Geyer, C.J. and Thompson, E.A. (1992) Constrained Monte Carlo maximum likelihood for dependent data (with discussion). J.Royal Statist. Soc. (Ser. B) 54, 657–699.

Geyer, C.J. and Thompson, E.A. (1995) Annealing Markov Chain Monte Carlo with Applications to Ancestral Inference. J. Amer. Statist. Assoc. 90, 909- 920.

Ghosh, M., Carlin, B. P. and Srivastiva, M. S. (1995) Probability matching priors for linear calibration. TEST 4, 333–357.

Gilks, W.R. (1992) Derivative-free adaptive rejection sampling for Gibbs sampling. In Bayesian Statistics 4, J.M. Bernardo, J.O. Berger, A.P. Dawid and A.F.M. Smith (Eds.), 641–649. Oxford University Press, Oxford. Gilks, W.R., Best, N.G. and Tan, K.K.C. (1995) Adaptive Rejection Metropolis Sampling within Gibbs Sampling. Applied Statist. (Ser. C) 44, 455–472. Gilks, W.R., Clayton, D.G., Spiegelhalter, D.J., Best, N.G., McNeil, A.J., Sharples, L.D., and Kirby, A.J. (1993) Modelling complexity: applications of Gibbs sampling in medicine. J. Roy. Statist. Soc. Ser. B 55, 39–52. Gilks, W.R., Richardson, S. and Spiegelhalter, D.I. (1996) Markov Chain Monte Carlo in Practice. London: Chapman and Hall.

Gilks, W.R. and Roberts, G.O. (1996) Strategies for improving MCMC. MCMCP89– 114 Gilks, W.R., Roberts G.O. and Sahu S.K. (1998) Adaptive Markov Chain Monte Carlo. J. Amer. Statist. Assoc. 93, 1045–1054.

Gilks, W.R. and Wild, P. (1992) Adaptive rejection sampling for Gibbs sampling. Appl. Statist. 41, 337–348.

Giudici, P. and Green, P.J. (1998) Decomposable Graphical Gaussian Model determination. Technical Report, Università di Pavia. Gleick, J. (1987) Chaos. Penguin, New York.

Gleser, L. J. (1989) The Gamma Distribution as a Mixture of Exponential Distributions. Am. Statist 43, 115-117.

Gleser, L.J. and Hwang, J.T. (1987) The non-existence of 100(1 − α)% confidence sets of finite expected diameters in errors-in-variable and related models. Ann. Statist. 15, 1351–1362.

Goldfeld, S.M. and Quandt, R.E. (1973) A Markov model for switching regressions. J. Econometrics 1, 3–16.

Gouriéroux, C. (1989) Econométrie des Variables Qualitatives. Economica, Paris.

Gouriéroux, C. and Monfort, A. (1990) Séries Temporelles et Modèles Dynamiques. Economica, Paris.

Gouriéroux, C. and Monfort, A. (1995) Simulation Based Econometric Methods. CORE Lecture Series, CORE, Louvain.

Gouriéroux, C. and Monfort, A. (1996) Statistics and Econometric Models. Cambridge University Press.

Gouriéroux, C., Monfort, A. and Renault, E. (1993) Indirect Inference. J. Applied Econom. 8, 85–118.

Goutis, C. and Casella, G. (1997) Explaining the saddlepoint approximation. Tech. Report, Dept. of Biometrics, Cornell University, Ithaca, NY. Goutis, C. and Robert, C.P. (1998) Model choice in generalized linear models: a Bayesian approach via Kullback–Leibler projections. Biometrika 85 29–37. Green, P.J. (1995) Reversible jump MCMC computation and Bayesian model determination. Biometrika 82(4), 711–732.

Green, P.J. and Han, X.L. (1992) Metropolis methods, Gaussian proposals, and antithetic variables. In Stochastic methods and Algorithms in Image Analysis P. Barone, A. Frigessi and M. Piccioni (Eds.). Lecture Notes in Statistics 74, 142–164. Springer Verlag, Berlin.

Green, P.J. and Murdoch, D. (1998) Exact sampling for Bayesian inference: towards general purpose algorithms. In Bayesian Statistics 6, J.O. Berger, J.M. Bernardo, A.P. Dawid, D.V. Lindley and A.F.M. Smith (Eds.). Oxford University Press, Oxford (to appear).

Grenander, U. and Miller, M. (1994) Representations of Knowledge in Complex Systems (with discussion). J. Roy. Statist. Soc. Ser. B 56, 549–603. Gruet, M.A., Philippe, A. and Robert, C.P. (1998) MCMC Control Spreadsheets for Exponential Mixture Estimation. J. Comp. Graph Statist. (to appear).

Guégan, D. (1994) Séries Chronologiques non Linéaires à Temps Discret. Economica, Paris.

Guihenneuc–Jouyaux, C. and Richardson, S. (1996) Modèle de Markov avec erreurs de mesure : approche bayésienne et application au suivi longitudinal des lymphocytes T4. In Biométrie and Applications Bayésiennes, Economica, Paris.

Guihenneuc–Jouyaux, C., Richardson, S. and Lasserre, V. (1998) Convergence assessment in latent variable models: apllication to longitudinal modelling of a marker of HIV progression. In Discretization and MCMC convergence assessment, C.P. Robert (ed.), Chapter 7, 147–160. Lecture Notes in Statistics, Springer-Verlag, New York.

Guihenneuc–Jouyaux, C. and Robert, C.P. (1998) Finite Markov chain convergence results and MCMC convergence assessments. J. Amer. Statist. Assoc. 93, 1055–1067.

Gumbel, E.J. (1940) La direction d’une répartition. Ann. Univ. Lyon, 3A, 2, 39–51.

Gumbel, E.J. (1958) Statistics of Extremes. New York: Columbia University Press.

Haario, H. and Sacksman, E. (1991) Simulated annealing in general state space. Adv. Appl. Probab. 23, 866–893.

Hàjek, B. (1988) Cooling schedules for optimal annealing. Math. Operation. Research 13, 311–329.

Hall, P. (1992) The Bootstrap and Edgeworth Expansion. New York: Springer- Verlag.

Hall, P. (1994) On the erratic behavior of estimators of N in the binomial N, p distribution J. Amer. Statist. Assoc. 89 344–352.

Hammersley, J.M. (1974) Discussion of Besag’s paper. J. Roy. Statist. Soc. Ser. B 36, 230–231.

Hammersley, J.M. and Clifford, M.S. (1970) Markov fields on finite graphs and lattices. Unpublished.

Hammersley, J.M. and Hancomb, D.C. (1964) Monte Carlo Methods, New York: Wiley.

Harris, T. (1956) The existence of stationary measures for certain Markov processes. In Proc. 3rd Berkeley Symp. Math. Statis. Prob. 2, 113–124. University of California Press.

Hartigan, J.A. (1990) Partition models. Comm. Statist. 19, 2745–2756. Hastings, W.K. (1970) Monte Carlo sampling methods using Markov chains and their application. Biometrika 57, 97–109.

Heidelberger, P. and Welch, P.D. (1983) A Spectral Method for Confidence Interval Generation and Run Length Control in Simulations. Comm. Assoc. Comput. Machinery 24, 233–245.

Heidelberger, P. and Welch, P.D. (1988) Simulation Run Length Control in the Presence of an Initial Transient. Operations Research 31, 1109–1144. Heitjan, D.F. and Rubin, D.B. (1991) Ignorability and coarse data. Ann. Statist. 19, 2244–2253.

Hesterberg, T. (1998) Weighted average importance sampling and defensive mixture distributions. Technometrics 37, 185–194.

Higdon, D.M. (1996) Auxiliary variable methods for Markov chain Monte Carlo with applications. Discussion paper, ISDS, Duke University. Hills, S.E. and Smith, A.F.M. (1992) Parametrization issues in Bayesian inference. In Bayesian Statistics 4, J.M. Bernardo, J.O. Berger, A.P. Dawid and A.F.M. Smith (Eds.), 641-649. Oxford University Press, Oxford. Hills, S.E. and Smith, A.F.M. (1993) Diagnostic plots for improved parameterization in Bayesian inference. Biometrika 80, 61–74.

Hjorth, J.S.U. (1994) Computer Intensive Statistical Methods. London: Chapman and Hall.

Hobert, J. P and Casella, G. (1996) The effect of improper priors on Gibbs sampling in hierarchical linear models. J. Amer. Statist. Assoc. 91 1461-1473. Hobert, J. P. and Casella, G. (1998) Functional Compatibility, Markov Chains, and Gibbs Sampling with Improper Posteriors. J. Comp. Graph Statist. 7, 42–60.

Hobert, J.P. and Robert, C.P. (1997) Eaton’s Markov Chain, its Conjugate Partner and P -Admissibility. Tech. report no 9726, CREST, INSEE. Hobert, J.P., Robert, C.P. and Goutis, C. (1997) Connectedness conditions for the convergence of the Gibbs sampler. Statis. Prob. Letters 33, 235–240. Hobert, J.P., Robert, C.P. and Titterington, D.M. (1998) On perfect simulation for some mixtures of distributions. Tech. report, Dept. of Stat., University of Glasgow.

Holmes, S., Diaconis, P., and Neal, R. M. (1997) Analysis of a Non-Reversible Markov Chain Sampler. Tech. report, Cornell University.

Hougaard, P. (1988) Discussion of the paper by Reid. Statist. Sci. 3, 230-231. Huber, P.J. (1972) Robust Statistics: a review. Ann. Math. Statist. 47, 1041– 1067.

Hwang, C.R. (1980) Laplace’s method revisited: weak convergence of probability measures. Ann. Probab. 8, 1177–1182.

Ikeda, M. and Watanabe, Y. (1981) Stochastic differential equations and diffusion processes. North-Holland, Elsevier.

Jaquier, E., Polson, N.G. and Rossi, P.E. (1994) Bayesian Analysis of Stochastic Volatility Models (with discussion). J. Business Economic Stat. 12, 371– 417.

Jarrett, R.G. (1979) A note on the intervals between coal-mining disasters. Biometrika 66, 191–193.

Jaynes, E.T. (1980) Marginalization and Prior Probabilities. In Bayesian Analysis in Econometrics and Statistics, A. Zellner (Ed.). North-Holland, Amsterdam.

Jeffreys, H. (1961) Theory of Probability (3rd edition). Oxford University Press, Oxford. [First edition: 1939.]

Jennison, C. (1993) Discussion on the meeting on the Gibbs sampler and other Markov Chain Monte Carlo methods. J. Roy. Statist. Soc. Ser. B 55, 54–56. Jensen, J. L. (1995) Saddlepoint Approximations. Oxford: Clarendon Press. Jensen, S.T., Johansen, S. and Lauritzen, S.L. (1991) Globally convergent algorithms for maximizing a likelihood function. Biometrika 78(4), 867-877. Jöhnk, M.D. (1964) Erzeugung von Betaverteilten und Gammaverteilten Zufallszahen. Metrika 8, 5–15.

Johnson, N.L. and Kotz, S.V. (1969–1972) Distributions in Statistics (4 vols.). New York: Wiley.

Johnson, N. L., Kotz. S., and Balakrishnan, N. (1994) Continuous Univariate Distributions, Volume 1, Second Edition. New York: Wiley. Johnson, N. L., Kotz. S., and Balakrishnan, N. (1995) Continuous Univariate Distributions, Volume 2, Second Edition. New York: Wiley. Johnson, N. L., Kotz. S., and Kemp, A. W. (1992) Univariate Discrete Distributions, Second Edition. New York: Wiley.

Johnson V.E. (1996) Studying convergence of Markov chain Monte Carlo algorithms using coupled sample paths. J. Amer. Statist. Assoc. 91, 154–166. Juang, B.H. (1984) On the hidden Markov model and dynamic time warping for speech recognition – A unified view. BellTech 63, 1213–1243. Juang, B.H. and Rabiner, L.R. (1991) Hidden Markov models for speech recognition. Technom. 33, 251–272.

Kass, R.E. and Raftery, A.E. (1995) Bayes factors. J. Amer. Statist. Assoc. 90, 773–795.

Kemeny, J.G. and Snell, J.L. (1968) Finite Markov Chains. Springer-Verlag, New York.

Kendall, W. (1998) Perfect Simulation for the Area-Interaction Point Process. In Heyde, C.C. and Accardi, L., editors, Probability Perspective, World Scientific Press, (to appear).

Kennedy, W.J. and Gentle, J.E. (1980) Statistical Computing. Marcel Dekker, New York.

Kersting, G. (1987) Some results on the asymptotic behavior of the Robbins- Monro process. Bull. Int. Statis. Inst. 47, 327–335.

Kiefer, J. and Wolfowitz, J. (1952) Stochastic estimation of the maximum of a regression function. Ann. Math. Statist. 23, 462–466.

Kiiveri, H. and Speed, T.P. (1982) Structural Analysis of Multivariate Data: A Review. In Sociological Methodology, 1982 (S. Leinhardt, ed.). Jossey Bass, San Francisco, 209-289.

Kim, S., Shephard, N. and Chib, S. (1998) Stochastic volatility: likelihood inference and comparison with ARCH models. Rev. Econom. Stud. 65, 361– 393.

Kinderman, A., Monahan, J. and Ramage, J. (1977) Computer methods for sampling from Student’s t distribution. Math. Comput. 31, 1009–1018. Kipnis, C. and Varadhan, S.R. (1986) Central limit theorem for additive functionals of reversible Markov processes and applications to simple exclusions. Comm. Math. Phys. 104, 1–19.

Kirkpatrick, S., Gelatt, C.D. and Vecchi, M.P. (1983) Optimization by simulated annealing. Science 220, 671–680.

Knuth, D. (1981) The Art of Computer Programing. Volume 2: Seminumerical Algorithms (2nd ed.). Addison-Wesley, Reading.

Kolassa, J. E. (1994) Series Approximation Methods in Statistics. New York: Springer-Verlag.

Kong, A., Liu, J.S. and Wong, W.H. (1994) Sequential imputations and Bayesian missing data problems. J. Amer. Statist. Assoc. 89, 278–288. Kubokawa, T. and Robert, C.P. (1994) New perspectives on linear calibration. 51 178–200.

Kuehl, R. O. (1994) Statistical Principles of Research Design and Analysis. Duxbury.

Kullback, S. (1968) Information Theory and Statistics. New York: Wiley. Laird, N., Lange, N. and Stram, D. (1987) Maximum likelihood computations with repeated measures: Application of the EM algorithm. J. Amer. Statist. Assoc. 82, 97–105.

Lavielle, M. and Moulines, E. (1997) On a stochastic approximation version of the EM algorithm. Statist. Comput. 7, 229–236.

Lavine, M. and West, M. (1992) A Bayesian method for classification and discrimination. Canad. J. Statist. 20, 451–461.

Lauritzen, S.L. (1996) Graphical Models. Oxford University Press, Oxford. Lecoutre, J.P. and Tassi, P. (1987) Statistique non-paramétrique and Robustesse. Economica, Paris.

Le Cun, Y., Boser, D., Denker, J.S., Henderson, D., Howard, R.E., Hubbard, W., and Jackel, L.D. (1989) Handwritten digit recognition with a backpropagation network. In Advances in Neural Information Processing Systems II (D.S. Touresky, ed.) 396–404. Morgan Kaufman, San Mateo, CA. L’Ecuyer, P. and Cordeau, J.-F. (1996) Tests sur les points rapprochés par des générateurs pseudo-aléatoires. ASU 96, 479–482.

Lee, P. (1989) Bayesian Statistics: an Introduction. Oxford University Press, Oxford.

Legendre, A. (1805) Nouvelles Méthodes pour la Détermination des Orbites des Comètes. Courcier, Paris.

Lehmann, E.L. (1975) Nonparametrics: Statistical Methods based on Ranks. McGraw-Hill, New York.

Lehmann, E.L. (1983) Theory of Point Estimation. New York: Wiley. Lehmann, E.L. (1986) Testing Statistical Hypotheses. New York: Wiley. Lehmann, E. L. (1998) Introduction to Large-Sample Theory. New York: Springer-Verlag.

Lehmann, E.L. and Casella, G. (1998) Theory of Point Estimation (revised edition). New York: Springer-Verlag.

Leroux, B.G. and Putterman, M.L. (1992) Maximum-penalised-likelihood estimation for independent and Markov dependent mixture models. Biometrics 48, 545–558.

Levine, R. (1996) Post-Processing Random Variables. Ph.D. Thesis, Biometrics Unit, Cornell University.

Liao, J.G. (1998) Variance reduction in Gibbs sampler using quasi-random numbers. J. Comp. Graph Statist. 7(3), 253–266.

Lindsay, B.G. (1995) Mixture Models: Theory, Geometry and Applications. IMS Monographs, Hayward, California.

Lindvall, T. (1992) Lectures on the Coupling Theory. J. Wiley, New York. Little, R.J.A. and Rubin, D.B. (1983) On jointly estimating parameters and missing data by maximizing the complete-data likelihood. The American Statistician 37(3), 218–220.

Little, R.J.A. and Rubin, D.B. (1987) Statistical Analysis With Missing Data. New York: Wiley.

Liu, C. and Rubin, D.B. (1994) The ECME algorithm: a simple extension of EM and ECM with faster monotonous convergence. Biometrika 81, 633–648. Liu, C., Liu, J.S., and Rubin, D.B. (1992) A Variational Control Variable for Assessing the Convergence of the Gibbs Sampler. In Proceedings of the American Statistical Association, Statistical Computing Section, 74–78.

Liu, C., Liu, J.S., and Rubin, D.B. (1995) A variational control for assessing the convergence of the Gibbs sampler. In Proceedings of the American Statistical Association, Statistical Computing Section, 74–78. Liu, J.S. (1995) Metropolized Gibbs Sampler: An improvement. Tech. report, Dept. of Statistics, Stanford U., California.

Liu, J.S. (1996) Peskun’s Theorem and a mondified discrete-state Gibbs sampler. Biometrika 83 681–682.

Liu, J.S. (1998) Metropolized independent sampling with comparisons to rejection sampling and importance sampling. Statistics and Computing (to appear). Liu, J.S. and Chen, R. (1995) Blind deconvolution via sequential imputations. J. Amer. Statist. Assoc. 90, 567–576.

Liu, J.S. and Sabbati, C. (1998) Simulated sintering: Markov Chain Monte Carlo with spaces of varying dimension. In Bayesian Statistics 6, J.O. Berger, J.M. Bernardo, A.P. Dawid, D.V. Lindley and A.F.M. Smith (Eds.). Oxford University Press, Oxford (to appear).

Liu, J.S., Wong, W.H. and Kong, A. (1994) Covariance structure of the Gibbs sampler with applications to the comparisons of estimators and sampling schemes. Biometrika 81, 27–40.

Liu, J.S., Wong, W.H. and Kong, A. (1995) Correlation structure and convergence rate of the Gibbs sampler with various scans. J. Roy. Statist. Soc. Ser. B 57, 157–169.

Loh, W.L. (1997) On Latin hypercube sampling. Ann. Statist. 24 2058-2080. Louis, T.A. (1982) Finding the observed information matrix when using the EM algorithm. J. Roy. Statist. Soc. Ser. B 44, 226–233.

Lugannani, R. and Rice, S. (1980) Saddlepoint approximation for the distribution of the sum of independent random variables. Adv.in Appl. Probab. 12 475-490.

MacEachern, S.N. and Berliner, L.M. (1994) Subsampling the Gibbs Sampler. The American Statistician 48, 188–190.

MacLachlan, G. and Basford, K. (1988) Mixture Models: Inference and Applications to Clustering. New York: Marcel Dekker.

MacLachlan, G. and Krishnan, T. (1997) The EM Algorithm and Extensions. New York: Wiley.

Madigan, D. and York, J. (1995) Bayesian Graphical Models for Discrete Data. International Statistical Review 63, 215-232.

Maguire, B.A., Pearson, E.S. and Wynn, A.H.A. (1952) The time interval between industrial accidents. Biometrika 38, 168–180.

Mallick, B. and Gelfand, A.E. (1994) Generalized linear models with unknown link function. Biometrika 81, 237–246.

Maritz, J.S. and Lwin, T. (1989) Empirical Bayes Methods (2nd edition). London: Chapman and Hall.

Marsaglia, G. (1964) Generating a variable from the tail of a normal distribution. Technom. 6, 101–102.

Marsaglia, G. (1977) The squeeze method for generating gamma variables. Computers and Mathematics with Applications, 3, 321–325. Marsaglia, G. and Zaman, A. (1993) The KISS Generator. Tech. Report, Dept. of Statistics, U. of Florida.

Martin-Loef, P. (1966) The definition of random sequences. Information and Control 9, 602–619.

Matthews, P. (1993) A slowly mixing Markov chain with implications for Gibbs sampling. Statist. Prob. Letters 17, 231–236.

McCullagh, P. and Nelder, J. (1989) Generalized Linear Models. London: Chapman and Hall.

McCulloch, C.E. (1997) Maximum Likelihood Algorithms for Generalized Linear Mixed Models. J. Amer. Statist. Assoc. 92, 162–170.

McCulloch, R. and Tsay, R. (1994) Statistical analysis of macroeconomic time series via Markov switching models. J. Time Series Analysis 155, 523–539. McKay, M.D., Beckman, R.J., and Conover, W.J. (1979) A comparison of three methods for selecting values of output variables in the analysis of output from a computer code. Technometrics 21, 239–245.

McKeague, I.W. and Wefelmeyer, W. (1996) Markov chain Monte Carlo and Rao–Blackwellisation. Tech. Report, Florida State U.

Mead, R. (1988) The Design of Experiments. Cambridge University Press. Meng, X.L. and van Dyk, D. (1997) The EM algorithm–an old folk-song sung to a new tune (with discussion). J. Roy. Statist. Soc. Ser. B 59, 511–568. Meng, X.L. and Rubin, D.B. (1991) Using EM to obtain asymptotic variancecovariance matrices. J. Amer. Statist. Assoc. 86, 899–909. Meng, X.L. and Rubin, D.B. (1992) Maximum likelihood estimation via the ECM algorithm: a general framework. Biometrika 80, 267–278. Meng, X.L. and Wong, W.H. (1996) Simulating ratios of normalizing constants via a simple identity: a theoretical exploration. Statist. Sinica 6, 831–860. Mengersen, K.L. and Robert, C.P. (1996) Testing for mixtures: a Bayesian entropic approach (with discussion). In Bayesian Statistics 5, J.O. Berger, J.M. Bernardo, A.P. Dawid, D.V. Lindley and A.F.M. Smith (Eds.), 255–276. Oxford University Press, Oxford.

Mengersen, K.L., Robert, C.P. and Guihenneuc-Jouyaux, C. (1998) MCMC convergence diagnostics: a “reviewww”. In Bayesian Statistics 6, J.O. Berger, J.M. Bernardo, A.P. Dawid, D.V. Lindley and A.F.M. Smith (Eds.). Oxford University Press, Oxford (to appear).

Mengersen, K.L. and Tweedie, R.L. (1996) Rates of convergence of the Hastings and Metropolis algorithms. Ann. Statist. 24 101–121. Metropolis, N., Reitwiesner, G. and von Neuman, J. (1950) Statistical treatment of values of first 20, 000 decimal digits of e and π.

Metropolis, N., Rosenbluth, A.W., Rosenbluth, M.N., Teller, A.H., Teller, E. (1953) Equations of state calculations by fast computing machines. J. Chem. Phys. 21, 1087–1092.

Meyn, S.P. and Tweedie, R.L. (1993) Markov Chains and Stochastic Stability. New York: Springer-Verlag.

Meyn, S.P. and Tweedie, R.L. (1994) Computable bounds for convergence rates of Markov chains. Ann. Appl. Probab. 4, 981–1011.

Milshtein, G.N. (1974) Approximate Integration of Stochastic Differential Equations. Theo. Probability Applications 19, 557-562.

Mira, A. and Geyer, C.J. (1998) Ordering Monte Carlo Markov chains. Tech. report, U. Minnesota.

Mira, A. and Tierney, L. (1998) On the use of auxiliary variables in Markov chain Monte Carlo methods. Tech. report, U. Minnesota.

Mitra, D., Romeo, F. and Sangiovanni-Vincentelli, A. (1986) Convergence and finite-time behaviour of simulated annealing. Advances in Applied Probability 18, 747–771.

Moussouris, J. (1974) Gibbs and Markov random systems with constraints. J. Statist. Phys. 10, 11–33.

Müller, P. (1991) A generic approach to posterior integration and Gibbs sampling. Tech. report # 91–09, Purdue Uni., West Lafayette, Indiana. Müller, P. (1993) Alternatives to the Gibbs sampling scheme. Tech. report, Institute of Statistics and Decision Sciences, Duke Uni.

Müller, P., Erkanli, A. and West, M. (1996) Curve fitting using Dirichlet process mixtures. Biometrika 83(1), 55-66.

Murray, G.D. (1977) Comments on “Maximum likelihood from incomplete data via the EM algorithm”. J. Roy. Statist. Soc. Ser. B 39, 27–28. Murdoch D.J. and Green, P.J. (1998) Exact Sampling for a Continuous State Scandinavian J. Statist. (to appear).

Muri, F., Chauveau, D. and Cellier, D. (1998) Convergence Assessment in Latent Variable Models: DNA Applications. In Discretization and MCMC convergence assessment, C.P. Robert (ed.), Chapter 6, 127–146. Lecture Notes in Statistics, Springer-Verlag, New York.

Mykland, P., Tierney, L. and Yu, B. (1995) Regeneration in Markov chain samplers. J. Amer. Statist. Assoc. 90, 233–241.

Natarajan, R. and McCulloch, C.E. (1998) Gibbs sampling with diffuse proper priors: a valid approach to data-driven inference? J. Comp. Graph Statist. 7, 267–277.

Naylor, J.C. and Smith, A.F.M. (1982) Application of a method for the efficient computation of posterior distributions. Applied Statistics 31, 214–225. Neal, R.M. (1993) Probabilistic Inference using Markov Chain Monte Carlo Methods. Dept. of Computer Science, U. of Toronto.

Neal, R.M. (1995) Suppressing Random Walks in MCMC Using Ordered Overrelaxation. Dept. of Statistics, Univ of Toronto, Canada.

Neal, R.M. (1996) Bayesian Learning for Neural Networks. Lecture Notes 118, Springer Verlag, New York.

Neal, R.M. (1997) Markov Chain Monte Carlo Methods Based on ‘Slicing’ the Density Function. University of Toronto.

Newton, M.A. and Raftery, A.E. (1994) Approximate Bayesian inference by the weighted likelihood boostrap (with discussion). J. Roy. Statist. Soc. Ser. B 56, 1–48.

Niederreiter, H. (1992) Random number generation and quasi-Monte Carlo methods. SIAM.

Nobile, A. (1998) A hybrid Markov chain for the Bayesian analysis of the multinomial probit model. Statistics and Computing 8, 229–242. Nummelin, E. (1978) A splitting technique for Harris recurrent chains. Zeit. Warsch. Verv. Gebiete 43, 309–318.

Nummelin, E. (1984) General Irreducible Markov Chains and Non-Negative Operators. Cambridge University Press, Cambridge.

Ó Ruanaidh, J.J.K. and Fitzgerald, W.J. (1996) Numerical Bayesian Methods Applied to Signal Processing. New York: Springer-Verlag.

Oh, M.S. (1989) Integration of multimodal functions by Monte Carlo importance sampling, using a mixture as an importance function. Tech. report, Dept. of Statistics, U. of California, Berkeley.

Oh, M.S. and Berger, J.O. (1993) Integration of multimodal functions by Monte Carlo importance sampling. J. Amer. Statist. Assoc. 88, 450–456. Olkin, I., Petkau, A.J. and Zidek, J.V. (1981) A comparison of n estimators for the binomial distribution. J. Amer. Statist. Assoc. 76, 637–642. Olver, F.W.J. (1974) Asymptotics and Special Functions. Academic Press, New York.

Orey, S. (1971) Limit Theorems for Markov Chain Transition Probabilities. Van Nostrand, London.

Osborne, C. (1991) Statistical calibration: a review. International Statistical Review 59, 309–336.

Pearl, J. (1988) Probabilistic Reasoning in Intelligent Systems: Networks of Plausible Inference. Morgan Kaufmann Publishers Inc., San Mateo, California. Pearson, K. (1894) Contribution to the mathematical theory of evolution. Proc. Trans. Royal Soc. A 185, 71–110.

Pearson, K. (1915) On certain types of compound frequency distributions in which the individual components can be individually described by binomial series. Biometrika 11, 139–144.

Perk, W. (1947) Some observations on inverse probabilities including a new indifference rule. J. Inst. Actuaries 73, 285–312.

Peskun, P.H. (1973) Optimum Monte Carlo sampling using Markov chains. Biometrika 60, pp. 607–612.

Peskun, P.H. (1981) Guidelines for chosing the transition matrix in Monte Carlo methods using Markov chains. Journal of Computational Physics 40, pp. 327–344.

Pflug, G.C. (1994) Distributed stochastic approximation: does cooperation pay? Tech. report TR-94-07, Inst. Stat., Uni. Wien, Wien. Philippe, A. (1995) Processing simulation output by Riemann sums. Rapport tech. 96–02, Univ. de Rouen.

Philippe, A. (1997a) Simulation Output by Riemann Sums. J. Statist. Comput. Simul. 59(4), 295-314.

Philippe, A. (1997b) Importance Sampling and Riemann Sums. Prepub. IRMA 43, VI, Univ. Lille.

Philippe, A. (1997c) Simulation of right and left truncated Gamma distributions by mixtures. Stat. Comput. 7, 173–181.

Philippe, A. and Robert, C.P. (1998a) A note of the confidence properties of the reference prior for the calibration model. TEST 7(1), 147–160. Philippe, A. and Robert, C.P. (1998b) Linking Discrete and Continuous Chains. In Discretization and MCMC convergence assessment, C.P. Robert (ed.), Chapter 3, 47–66. Lecture Notes in Statistics, Springer-Verlag, New York. Phillips, D.B. and Smith, A.F.M. (1996) Bayesian model comparison via jump diffusions. In Markov chain Monte Carlo in Practice, W.R. Gilks, S.T. Richardson and D.J. Spiegelhalter (Eds.), 215–240. London: Chapman and Hall.

Pike, M.C. (1966) A method of analyis of a certain class of experiments in carcinogenesis. Biometrics 22, 142–161.

Pincus, M. (1968) A closed form solution of certain programming problems. Oper. Research 18, 1225–1228.

Polson, N.G. (1996) Convergence of Markov Chain Monte Carlo Algorithms (with discussion). In Bayesian Statistics 5, J.M. Bernardo, J.O. Berger, A.P. Dawid and A.F.M. Smith (Eds.), 297–323. Oxford University Press, Oxford. Propp, J.G. and Wilson, D.B. (1996) Exact sampling with coupled Markov chains and applications to statistical mechanics. Random Structures and Algorithms 9, 223–252.

Qian, W. and Titterington, D.M. (1990) Parameter estimation for hidden Gibbs chains. Statis. Prob. Letters 10, 49-58.

Qian, W. and Titterington, D.M. (1991) Estimation of parameters in hidden Markov models. Phil. Trans. Roy. Soc. London A 337, 407–428. Qian, W. and Titterington, D.M. (1992) Stochastic relaxations and EM algorithms for Markov random fields. J. Statist. Comput. Simulation 40, 55–69. Raftery, A.E. and Akman, V.E. (1986) Bayesian analysis of a Poisson process with a change point. Biometrika 73, 85–89.

Raftery, A.E. and Banfield, J.D. (1991) Stopping the Gibbs sampler, the use of morphology, and other issues in spatial statistics. Ann. Inst. Statist. Math. 43, 32–43.

Raftery, A.E. and Lewis, S. (1992a) How many iterations in the Gibbs sampler? In Bayesian Statistics 4, J.O. Berger, J.M. Bernardo, A.P. Dawid and A.F.M. Smith (Eds), 763–773. Oxford University Press, Oxford.

Raftery, A.E. and Lewis, S. (1992b) The Number of Iterations, Convergence Diagnostics and Generic Metropolis Algorithms. Tech. report, Department of Statistics, U. of Washington, Seattle.

Raftery, A.E. and Lewis, S. (1996) Implementing MCMC. In Markov chain Monte Carlo in Practice W.R. Gilks, S.T. Richardson and D.J. Spiegelhalter (Eds.), 115–130. London: Chapman and Hall.

Raiffa, H. and Schlaifer, R. (1961) Applied Statistical Decision Theory. Division of Research, Graduate School of Business Administration, Harvard University.

Randles, R. and Wolfe, D. (1979) Introduction to the Theory of Nonparametric Statistics. New York: Wiley.

Rao, C.R. (1973) Linear statistical inference and its applications. New York: Wiley.

Redner, R. and Walker, H. (1984) Mixture densities, maximum likelihood and the EM algorithm. SIAM Rev. 26, 195–239.

Reid, N. (1988) Saddlepoint methods and statistical inference (with discussion). Statist. Sci. 3, 213-238.

Reid, N. (1991) Approximations and asymptotics. Statist. Theory Model., Essays in Honor of D. R. Cox. London: Chapman and Hall., 287-334. Resnick, S. (1994) Adventures in Stochastic Process. Birkhauser, Basel. Revuz, D. (1984) Markov Chains (2nd edition). North-Holland, Amsterdam.

Richardson, S. and Green, P.J. (1997) On Bayesian analysis of mixtures with an unknown number of components (with discussion). J. Roy. Statist. Soc. Ser. B 59, 731–792.

Ripley, B.D. (1987) Stochastic Simulation. New York: Wiley. Ripley, B.D. (1994) Neural networks and related methods for classification (with discussion). J. Roy. Statist. Soc. Ser. B 56, 409–4560. Ripley, B.D. (1996) Pattern Recognition and Neural Networks. Cambridge: Cambridge University Press.

Ritter, C. and Tanner, M.A. (1992) Facilitating the Gibbs sampler: The Gibbs stopper and the Griddy-Gibbs sampler. J. Amer. Statist. Assoc. 87, 861–868. Robbins, H. (1964) The empirical Bayes approach to statistical decision problems. Ann. Math. Statist. 35 1-20.

Robbins, H. (1983) Some thoughts on empirical Bayes estimation. Ann. Statist. 11, 713-723.

Robbins, H. and Monro, S. (1951) A stochastic approximation method. Ann. Math. Statist. 22, 400–407.

Robert, C. (1991) Modèles Statistiques pour l’Intelligence Artificielle : l’Exemple du Diagnostic Médical. Masson, Paris.

Robert, C.P. (1988) An explicit formula for the risk of the positive-part James– Stein estimator. Canadian J. Statis. 16, 161–168.

Robert, C.P. (1990) Modified Bessel functions and their applications in Probability and Statistics. Statist. Prob. Lett. 9, 155–161.

Robert, C.P. (1991) Generalized Inverse Normal distributions. Statist. Prob. Lett. 11, 37–41.

Robert, C.P. (1992) L’Analyse Statistique Bayésienne. Economica, Paris. Robert, C.P. (1993) Prior Feedback: A Bayesian approach to maximum likelihood estimation. Comput. Statist. 8, 279–294.

Robert, C.P. (1994a) The Bayesian Choice. New York: Springer-Verlag. Robert, C.P. (1994b) Discussion of “Markov chains for exploring posterior distribution”. Ann. Statist. 22, 1742–1747.

Robert, C.P. (1995a) Simulation of truncated normal variables. Statistics and Computing 5, 121–125.

Robert, C.P. (1995b) Convergence control techniques for Markov Chain Monte Carlo algorithms. Statis. Science 10(3), 231–253.

Robert, C.P. (1996a) Méthodes de Monte Carlo par Chaînes de Markov. Economica, Paris.

Robert, C.P. (1996b) Inference in mixture models. In Markov Chain Monte Carlo in Practice, W.R. Gilks, S. Richardson and D.J. Spiegelhalter (Eds.), 441–464. London: Chapman and Hall.

Robert, C.P. (1996c) Intrinsic loss functions. Theory and Decision 40(2), 191– 214.

Robert, C.P. (1997) Discussion of Richardson and Green’s paper. J. Roy. Statist. Soc. Ser. B 59, 758–764.

Robert, C.P. (1998) Discretization and MCMC Convergence Assessment. Lecture Notes in Statistics 135, New York: Springer-Verlag.

Robert, C.P., Celeux, G. and Diebolt, J. (1993) Bayesian estimation of hidden Markov models: a stochastic implementation. Statistics & Probability Letters 16, 77–83.

Robert, C.P. and Hwang, J.T.G. (1996) Maximum likelihood estimation under order constraints. J. Amer. Statist. Assoc. 91, 167–173.

Robert, C.P. and Mengersen, K.L. (1995) Reparametrization issues in mixture estimation and their bearings on the Gibbs sampler. Comput. Statis. Data Ana. (to appear).

Robert, C.P. and Richardson, S. (1998) Markov Chain Monte Carlo methods. In Discretization and MCMC Convergence Assessment (C.P. Robert, Ed.), Chap. 1, 1–26. Lecture Notes 135, New York: Springer-Verlag. Robert, C.P., Rydén, T. and Titterington, D.M. (1998) Convergence Controls for MCMC Algorithms, with Applications to Hidden Markov Chains, Tech. report no. 9805, CREST, INSEE.

Robert, C.P. and Soubiran, C. (1993) Estimation of a mixture model through Bayesian sampling and prior feedback. TEST 2, 125–146.

Robert, C.P. and Titterington, M. (1998) Reparameterisation Strategies for Hidden Markov Models and Bayesian Approaches to Maximum Likelihood Estimation. Statistics and Computing 8(2), 145–158.

Roberts, G.O. (1992) Convergence diagnostics of the Gibbs sampler. In Bayesian Statistics 4, J.M. Bernardo, J.O. Berger, A.P. Dawid and A.F.M. Smith (Eds.), 775–782. Oxford University Press, Oxford.

Roberts, G.O. (1994) Methods for estimating L^2 convergence of Markov chain Monte Carlo. In Bayesian Statistics and Econometrics: Essays in Honor of Arnold Zellner, D. Barry, K. Chaloner and J. Geweke (Eds.). New York: Wiley. Roberts, G.O. (1998) Introduction to MCMC. Talk at the TMR Spatial Statistics Network Workshop, Aussois, France, January 19–21, 1998. Roberts, G.O., Gelman, A. and Gilks, W.R. (1997) Weak convergence and optimal scaling of random walk Metropolis algorithms. Annals of Applied Probability 7, 110–120.

Roberts, G.O. and Polson, N. (1994) A note on the geometric convergence of the Gibbs sampler. J. Roy. Statist. Soc. Ser. B 56, 377–384. Roberts, G.O. and Rosenthal, J.S. (1998) Markov Chain Monte Carlo: Some Practical Implications of Theoretical Results (with discussion). Can. J. Statist. 26, 5–32.

Roberts, G.O., Rosenthal, J.S. and Schwartz, P.C. (1995) Convergence properties of perturbated Markov chains. Res. report, Stat. Lab., U. Cambridge, Cambridge.

Roberts, G.O. and Sahu, S.K. (1997) Updating Schemes, Covariance Structure, Blocking and Parametrisation for the Gibbs Sampler. J. Roy. Statist. Soc. Ser. B 59, 291–318.

Roberts, G.O. and Tweedie, R.L. (1995) Exponential convergence for Langevin diffusions and their discrete approximations. Res. report, Stat. Lab., U. Cambridge, Cambridge.

Roberts, G.O. and Tweedie, R.L. (1996) Geometric convergence and Central Limit Theorems for multidimensional Hastings and Metropolis algorithms. Biometrika 83, 95–110.

Robertson, T., Wright, F.T. and Dykstra, R.L. (1988) Order Restricted Statistical Inference. New York: Wiley.

Robinson, G.K. (1982) Behrens-Fisher problem. In Encyclopedia of Statistical Sciences, 1, 205–209.

Roeder, K. (1992) Density estimation with confidence sets exemplified by superclusters and voids in galaxies. J. Amer. Statist. Assoc. 85 617–624. Roeder, K. and Wasserman, L. (1997) Practical Bayesian Density Estimation Using Mixtures of Normals. J. Amer. Statist. Assoc. 92, 894–902. Romano, J.P. and Siegel, A.F. (1986) Counterexamples in Probability and Statistics. Belmont: Wadsworth.

Rosenblatt, M. (1971) Markov Processes: Structure and Asymptotic Behavior. New York: Springer-Verlag.

Rosenthal, J.S. (1995) Minorization conditions and convergence rates for Markov chain Monte Carlo. J. Amer. Statist. Assoc. 90, 558–566. Rubin, D.B. (1987) Multiple Imputation for Nonresponse in Surveys. New York: Wiley.

Rubinstein, R.Y. (1981) Simulation and the Monte Carlo Method. New York: Wiley.

Rudin, W. (1976) Principles of Real Analysis. New York: McGraw-Hill. Ruelle, D. (1987) Chaotic Evolution and Strange Attractors. Cambridge University Press.

Saxena, K. and Alam, K. (1982) Estimation of the non-centrality parameter of a chi-squared distribution. Ann. Statist. . 10, 1012–1016. Scherrer, J. A. (1997) Monte Carlo estimation of transition probabilities in capture-recapture data. Masters Thesis, Biometrics Unit, Cornell University, Ithaca, NY Schervish, M.J. (1995) Theory of Statistics. New York: Springer-Verlag. Schervish, M.J. and Carlin, B. (1992) On the convergence of successive substitution sampling. J. Comput. Graphical Statist. 1, 111–127. Schmeiser, B. (1989) Simulation experiments. Working paper SMS 89-23, School of Industrial Engineering, Purdue Uni.

Schmeiser, B. and Shalaby, M. (1980) Acceptance/rejection methods for beta variate generation. J. Amer. Statist. Assoc. 75, 673–678.

Schoener, T.W. (1968) The anolis lezards of Bimini: resource partitioning in a complex fauna. Ecology 49, 724–726.

Schruben, L., Singh, H. and Tierney, L. (1983) Optimal tests for initialization bias in simulation output. Operation. Research 31, 1176–1178. Schukken, Y.H., Casella, G., and van den Broek, J. (1991) Overdispersion in clinical mastitis data from dairy herds: a negative binomial approach, Preventive Veterinary Medicine, 10, 239–245.

Searle, S.R., Casella, G. and McCulloch, C.E. (1992) Variance Components. New York: Wiley.

Seber, G.A.F. (1983) Capture-recapture methods. In Encyclopedia of Statistical Science, S. Kotz and N. Johnson (Eds.). New York: Wiley.

Seber, G.A.F. (1992) A review of estimating animal abondance (II). Workshop on design of longitudinal studies and analysis of repeated measure data 60, 129–166.

Seidenfeld, T. and Wasserman, L. (1993) Dilation for sets of probabilities. Ann. Statist. 21, 1139–1154.

Serfling, R.J. (1980) Approximation Theory of Mathematical Statistics. New York: Wiley.

Shephard, N. (1994) Partial non-Gaussian state space. Biometrika 81, 115– 131.

Shephard, N. and Pitt, M.K. (1997) Likelihood Analysis of Non-Gaussian Measurement Time Series. Biometrika 84, 653-668.

Silverman, B.W. (1986) Density estimation for statistics and data analysis. London: Chapman and Hall.

Smith, A.F.M. and Gelfand A.E. (1992) Bayesian Statistics Without Tears: A Sampling-Resampling Perspective. The American Statistician 46, 84–88. Smith, A.F.M. and Makov, U.E. (1978) A quasi–Bayes sequential procedure for mixtures. J. Roy. Statist. Soc. Ser. B 40, 106–112.

Smith, A.F.M. and Roberts, G.O. (1993) Bayesian computation via the Gibbs sampler and related Markov chain Monte Carlo methods (with discussion). J. Roy. Statist. Soc. Ser. B 55, 3–24.

Spiegelhalter, D.J., Best, N.G., Gilks, W.R. and Inskip, H. (1996) Hepatitis B: a case study in MCMC methods. In Markov Chain Monte Carlo in Practice, W.R. Gilks, S. Richardson and D.J. Spiegelhalter (Eds.), 21–44. London: Chapman and Hall.

Spiegelhalter, D.J., Dawid, A.P., Lauritzen, S.L. and Cowell, R.G. (1993) Bayesian analysis in expert systems (with discussion). Statist. Science 8, 219– 283.

Spiegelhalter, D.J. and Lauritzen, S.L. (1990) Sequential Updating of Conditional Probabilities on Directed Graphical Structures. Networks 20, 579-605. Spiegelhalter, D.J., Thomas, A., Best, N. and Gilks, W.R. (1995a) BUGS: Bayesian Inference Using Gibbs Sampling. Version 0.50, Tech. report, Medical Research Council Biostatistics Unit, Institute of Public Health, Cambridge University.

Spiegelhalter, D.J., Thomas, A., Best, N. and Gilks, W.R. (1995b) BUGS Examples Volume 1, Version 0.50. MRC Biostatistics Unit, Cambridge. Spiegelhalter, D.J., Thomas, A., Best, N. and Gilks, W.R. (1995c) BUGS Examples Volume 2, Version 0.50. MRC Biostatistics Unit, Cambridge. Stein, M.L. (1987) Large sample properties of simulations using Latin hypercube sampling. Technometrics 29, 143–151.

Stephens, D. and Dellaportas, P. (1992) Bayesian Analysis of Generalised Linear Models with Covariate Measurement Error. In Bayesian Statistics 4, (ed. J. Bernardo, J. Berger, A. Dawid and A. Smith). Clarendon Press, Oxford, UK. Stigler, S. (1986) The History of Statistics. Belknap, Harvard. Stramer, O. and Tweedie, R.L. (1997a) Geometric and Subgeometric Convergence of Diffusions with Given Stationary Distributions, and Their Discretizations. Tech. report, University of Iowa.

Stramer, O. and Tweedie, R.L. (1997b) Self-Targeting Candidates for Hastings- Metropolis Algorithms. Tech. report, University of Iowa. Strawderman, R. (1996) Discussion of Casella’s article. TEST 5 325-329. Stuart, A. (1962) Gamma-distributed products of independent random variables. Biometrika 49, 564–565.

Stuart, A. and Ord, J. K. (1987) Kendall’s Advanced Theory of Statistics, Vol. I, Fifth Edition. New York: Oxford University Press.

Stuchlik, J.B., Robert, C.P. and Plessis, B. (1994) Character Recognition Through Bayes Theorem. Tech. report no. 9439, CREST, INSEE. Swendsen, R.H. and Wang, J.S. (1987) Nonuniversal critical dynamics in Monte Carlo simulations. Physical Review Letters 58, 86–88. Swendsen, R.H., Wang, J.S. and Ferrenberg, A.M. (1992) New Monte Carlo methods for improved efficiency of computer simulations in statistical mechanics. In The Monte Carlo Method in Condensed Matter Physics, K. Binder (Ed.). Springer-Verlag, Berlin.

Talay, D. (1995) Simulation and Numerical Analysis of Stochastic Differential Systems: a Review. In Probabilistic Methods in Applied Physics, P. Krée and W. Wedig (Eds.). Lecture Notes in Physics 451, Chapter 3, 54–96. Springer- Verlag, Berlin.

Tanner, M. (1996) Tools for Statistical Inference: Observed Data and Data Augmentation Methods (3rd edition). New York: Springer-Verlag. Tanner, M. and Wong, W. (1987) The calculation of posterior distributions by data augmentation. J. Amer. Statist. Assoc. 82, 528–550. Thisted, R.A. (1988) Elements of Statistical Computing: Numerical Computation. London: Chapman and Hall.

Tierney, L. (1991) Markov chains for exploring posterior distributions. Computer Sciences and Statistics: Proc. 23d Symp. Interface, 563–570. Tierney, L. (1994) Markov chains for exploring posterior distributions (with discussion). Ann. Statist. . 22, 1701–1786.

Tierney, L. (1995) A note on Metropolis–Hastings Kernels for General State Spaces. Tech. Rep. 606, Uni. Minnesota.

Tierney, L. and Kadane, J.B. (1986) Accurate approximations for posterior moments and marginal densities. J. Amer. Statist. Assoc. 81, 82–86. Tierney, L., Kass, R.E. and Kadane, J.B. (1989) Fully exponential Laplace approximations to expectations and variances of non-positive functions. J. Amer. Statist. Assoc. 84, 710–716.

Tierney, L., and Mira, A. (1998) Some Adaptive Monte Carlo Methods for Bayesian Inference. Tech. report, U. Minnesota.

Titterington, D.M. (1996) Mixture distributions (update). In Encyclopedia of Statistical Sciences Update, Volume 1, S. Kotz, C.B. Read and D.L. Banks (Eds.). New York: J. Wiley, 399–407.

Titterington, D.M., Smith, A.F.M. and Makov, U.E. (1985) Statistical Analysis of Finite Mixture Distributions. New York: Wiley.

Tobin, J. (1958) Estimation of relationships for limited dependent variables. Econometrics 26, 24–36.

Tukey, J.W. (1977) Exploratory Data Analysis. New York: Addison-Wesley.

Van Dijk, H.K. and Kloeck, T. (1984) Experiments with some alternatives for simple importance sampling in Monte Carlo integration. In Bayesian Statistics II, J.M. Bernardo, M.H. DeGroot, D.V. Lindley and A.F.M. Smith (Eds.). North-Holland, Amsterdam.

Van Laarhoven, P.J. and Aarts, E.H.L. (1987) Simulated Annealing: Theory and Applications. CWI Tract 51, Reidel Pub., Amsterdam. Verdinelli, I. and Wasserman, L. (1992) Bayesian analysis of outliers problems using the Gibbs sampler. Statist. Comput. 1, 105–117.

Vines, S.K. and Gilks, W.R. (1994) Reparameterising random interactions for Gibbs sampling. Tech. report, MRC Biostatistics Unit, Cambridge. Vines, S.K., Gilks, W.R. and Wild, P. (1995) Fitting multiple random effect models. Tech. report, Medical Research Council Biostatistics Unit, Institute of Public Health, Cambridge University.

Von Neumann, J. (1951) Various techniques used in connection with random digits. J. Resources of the National Bureau of Standards – Applied Mathematics Series 12, 36–38.

Wahba, G. (1981) Spline interpolation and smoothing on the sphere. SIAMSSC 2, 5–16.

Wakefield, J.C., Gelfand, A.E. and Smith, A.F.M. (1991) Efficient generation of random variates via the ratio-of-uniforms method. Statistics and Computing 1, 129–33.

Wakefield, J.C., Smith, A.F.M., Racine-Poon, A. and Gelfand, A.E. (1994) Bayesian analysis of linear and non-linear population models using the Gibbs sampler. Applied Statistics (Ser. C) 43, 201–22.

Walker, S. (1997) Robust Bayesian analysis via scale mixtures of Beta distributions. Tech. report, Dept. of Mathematics, Imperial College, London. Wand, M.P. and Jones, M.C. (1995) Kernel Smoothing. London: Chapman and Hall.

Wasan, M.T. (1969) Stochastic Approximation. Cambridge University Press. Wei, G.C.G. and Tanner, M.A. (1990a) A Monte Carlo implementation of the EM algorithm and the poor man’s data augmentation algorithm. J. Amer. Statist. Assoc. 85, 699–704.

Wei, G.C.G. and Tanner, M.A. (1990b) Posterior Computations for Censored Regression Data. J. Amer. Statist. Assoc. 85, 829–839.

West, M. (1992) Modelling with mixtures. In Bayesian Statistics 4, J.O. Berger, J.M. Bernardo, A.P. Dawid and A.F.M. Smith (Eds), 503–525. Oxford University Press, Oxford.

Whittaker, J. (1990) Graphical Models in Applied Multivariate Statistics. Wiley, Chichester.

Winkler, G. (1995) Image Analysis, Random Fields and dynamic Monte Carlo Methods. Springer Verlag, New York. Wolff, U. (1989) Physical Review Letters 62, 361.

Wolter, W. (1986) Some coverage error models for census data. J. Amer. Statist. Assoc. 81, 338–346.

Wood, A. T. A., Booth, J. G. and Butler, R. W. (1993) Saddlepoint approximations to the CDF of some statistics with nonnormal limit distributions. J. Amer. Statist. Assoc. 88, 680-686.

Wu, C.F.J. (1983) On the convergence properties of the EM algorithm. Ann. Statist. 11, 95–103.

Yakowitz, S., Krimmel, J.E. and Szidarovszky, F. (1978) Weighted Monte Carlo integration. SIAM J. Numer. Anal. 15(6), 1289–1300. Yao, Y.C. (1984) Estimation of a noisy discrete-time step function: Bayes and empirical Bayes approaches. Ann. Statist. 12, 1434–1447. Yu, B. (1994) Monitoring the Convergence of Markov Samplers Based on Estimated L^1 Error. Tech. report 9409, Department of Statistics, U. of California, Berkeley.

Yu, B. (1995) Discussion to Besag et al. (1995) Statistical Science 10, 3-66. Yu, B. and Mykland, P. (1998) Looking at Markov Samplers Through Cusum Path Plots: A Simple Diagnostic Idea. Statistics and Computing 8(3), 275–286. Zeger, S. and Karim, R. (1991) Generalized linear models with random effects; a Gibbs sampling approach. J. Amer. Statist. Assoc. 86, 79–86. Zellner, A. and Min, C.K. (1995) Gibbs Sampler Convergence Criteria. J. Amer. Statist. Assoc. 90, 921–927.