Bibliography

[1] Kennedy A.D. and Pendleton B. Acceptances and autocorrelations in hybrid monte carlo. Nuclear Phys. B (Proc. Suppl.), 20:118–121, 1991.

[2] Y. Amit. On rates of convergence of stochastic relaxation for gaussian and non-gaussian distributions. J. Multivariate Analysis, 38:82–99, 1991.

[3] Y. Amit and U. Grenander. Comparing sweep strategies for stochastic relaxation. J. Multivariate Analysis, 37:197–222, 1991.

[4] K. B. Athreya and P. Ney. A new approach to the limit theory of recurrent Markov chains. Trans. Amer. Math. Soc., 245:493–501, 1978.

[5] J.M. Bernardo and A.F.M. Smith. Bayesian Theory. Wiley, 1994. [6] P. Billingsley. Probability and Measure. John Wiley & Sons, New York, 1986.

[7] Duane S. Kennedy A.D. Pendleton B.J. and Roweth D. Hybrid Monte Carlo. Phys. Rev. Lett. B, 195:217–222, 1987.

[8] A.A. Borovkov. Asymptotic Methods in Queueing Theory. John Wiley and Sons, Chichester New York Toronto, 1984.

[9] A.A. Borovkov and S.G. Foss. Stochastically recursive sequences and their generalizations. Siberian Adv. Math., 2:16–81, 1992.

[10] A.A. Borovkov and S.G. Foss. Two ergodicity criteria for stochastically recursive sequences. Acta Applic. Math, 34:125–134, 1994.

[11] L. Breyer and G.O. Roberts. From Metropolis to diffusions: Gibbs states and optimal scaling. Stoch. Proc. Appl., 1998. 329

[12] S.P. Brooks and G.O. Roberts. Assessing convergence of Markov chain Monte Carlo algorithms. Statistics and Computing, 8:319–335, 1999.

[13] J.N. Corcoran and R.L. Tweedie. Perfect sampling of Harris recurrent Markovchains. (1998). (Submitted: preprint at http://www.stats.bris.ac.uk/MCMC/).

[14] K. Cowles and Carlin B.P. Markov Chain Monte Carlo Convergence Diagnostics: A Comparative Review. JASA, 91:883–904, 1996.

[15] D. Gamerman. Markov chain Monte Carlo: Stochastic simulation for Bayesian inference. Chapman and Hall, 1997.

[16] P. Diaconis and L. Saloff-Coste. What do we know about the Metropolis algorithm? Jour. Comp. System Sciences, 5:20–36, 1998.

[17] Persi Diaconis and Daniel Stroock. Geometric bounds for eigenvalues of Markov chains. Ann. App. Prob., 1:36–61, 1991.

[18] J. L. Doob. Stochastic Processes. John Wiley & Sons, New York, 1953.

[19] R.G. Edwards and A.D.Sokal. Generalization of the Fortium- Kasteleyn-Swendsen-Wang representation and Monte Carlo algorithm. Phys. Rev. D, 38:2009–2012, 1988.

[20] S. N. Ethier and T. G. Kurtz. Markov Processes : Characterization and Convergence. John Wiley & Sons, New York, 1986.

[21] J.A. Fill. An interruptible algorithm for perfect sampling via Markov chains. Ann. Appl. Probab., 7, 1997. (Accepted for publication).

[22] S.G. Foss. On ergodicity conditions in multi-server queues. Siberian Math. J., 24:168–175, 1983.

[23] S.G. Foss and R.L. Tweedie. Perfect simulation and backward coupling. Stochastic Models, 1998. To appear (Preprint at http://www.stats.bris.ac.uk/MCMC/).

[24] A. Frigessi, F. Martinelli, and Stander J. Computational complexity of Markov chain Monte Carlo methods for finite Markov random fields. Biometrika, 84, 1:1–19, 1996.

[25] A. Gelman and Rubin D. Inference from iterative simulation using multiple sequences. Stat. Sci., 7:457–472, 1992.

[26] G. O. Gelman, A. Roberts and W.R. Gilks. Efficient metropolis jumping rules. Bayesian Statistics V, pages 599–608, 96.

[27] C Geyer. Practical markov chain monte carlo. Stat. Sci., 7:473–483, 1992.

[28] C. Geyer and A. Mira. Peskun ordering and spectral gap. Technical report, U. of Minnesota, 1997.

[29] W. R. Gilks and G. O. Roberts. Strategies for improving mcmc. In Gilks, Richardson and Spiegelhalter, pages 89–114, 95.

[30] W.R. Gilks, S. Richardson, and D.J. Spiegelhalter, editors. Markov Chain Monte Carlo in Practice. Chapman and Hall, London, 1996.

[31] O. Häggström and K. Nelander. Exact sampling from antimonotone systems. Chalmers University of Technology Department of Mathematics Research Report 1997-03, 1997. (Preprint at http://www.stats.bris.ac.uk/MCMC/).

[32] O. Häggström, M.N.M. van Liesholt, and J. Møller. Characterisation results and Markov chain Monte Carlo algorithms including exact simulation for some spatial point processes. Aalborg University Department of Mathematics Research Report R-96-2040, 1996. (Preprint at http://www.stats.bris.ac.uk/MCMC/).

[33] W.K. Hastings. Monte Carlo sampling methods using Markov chains and their applications. Biometrika, 57:97–109, 1970.

[34] M. Jerrum and A. Sinclair. The Markov chain Monte Carlo method: an approach to approximate counting and integration. In Dorit Hochbaum, editor, Approximation Algorithms for NP-hard Problems, pages 482– 520. PWS, 1996.

[35] A. Frieze R. Kannan and N. G. Polson. Sampling from log-concave distributions. Ann. Appl. Prob., 4:812–837, 1994.

[36] R. Kannan. Markov chains and polynomial time algorithms. In Proc.

35th Annual IEEE Symposium on Foundations of Computer Science, pages 656–671. Computer Society Press, 1994.

[37] W.S. Kendall. Perfect simulation for the area-interaction point process.

In C.C. Heyde and L. Accardi, editors, Probability Perspectives, page (to appear). World Scientific Press, Singapore, 1996.

[38] T. Lindvall. Lectures on the Coupling Method. John Wiley & Sons, New York, 1992.

[39] R.B. Lund and R.L. Tweedie. Geometric convergence rates for stochastically ordered Markov chains. MOR, 21:182–194, 1996.

[40] K.L. Mengersen and R.L. Tweedie. Rates of convergence of the Hastings and Metropolis algorithms. Annals of Statistics, 24:101–121, 1996.

[41] N. Metropolis, A. Rosenbluth, M. Rosenbluth, A. Teller, and E. Teller.

Equations of state calculations by fast computing machines. J. Chemical Physics, 21:1087–1091, 1953.

[42] S. P. Meyn and R. L. Tweedie. Markov Chains and Stochastic Stability.

Springer-Verlag, London, 1993.

[43] S. P. Meyn and R. L. Tweedie. Computable bounds for convergence rates of Markov chains. Annals of applied probability, 4:981–1011, 1994.

[44] J. Møller, A. R. Syversveen, and R. P. Waagepetersen. Log Gaussian Cox processes. Scand. J. Statist., 25:451–482, 1998.

[45] Jesper Møller. Perfect simulation of conditionally specified models. J.

Roy. Statist. Soc. Ser. B, 1997. (accepted for publication: Preprint at http://www.stats.bris.ac.uk/MCMC/).

[46] D.J. Murdoch and P.J. Green. Exact sampling from a continuous state space. Scand. J. Statist., 1998. to appear (Preprint at http://www.stats.bris.ac.uk/MCMC/).

[47] R. Neal. An improved acceptance procedure for the hybrid Monte Carlo algorithm. J. Comp. Phys, 11:194–203, 1994.

[48] R. M. Neal. Markov chain monte carlo methods based on ‘slicing’ the density function. Technical report, Dept. of Statistics, University of Toronto, 1997. No. 9722.

[49] E. Nummelin. A splitting technique for Harris recurrent chains. Z.

Wahrscheinlichkeitstheorie und Verw. Geb., 43:309–318, 1978.

[50] L. Onsager. A 2d model with an order-disorder transition, journal=.

[51] J. P. Damien, Wakefield and S. Walker. Gibbs sampling for bayesian nonconjugate and hierarchical models using auxiliary variable. Journal of the Royal Statistical Society, Series B. To Appear., 1998.

[52] Swendsen R. H. Wallace D. J. Pawley, G. S. and K. G. Wilson. Monte Carlo renormalization group calculation of the critical behavior in the simple cubic Ising Model, journal=.

[53] P. H. Peskun. Optimum Monte Carlo sampling using Markov chains.

Biometrika, 60:607–612, 1973.

[54] J.G. Propp and D.B. Wilson. Exact sampling with coupled Markov chains and applications to statistical mechanics. Random Structures and Algorithms, 9:223–252, 1996.

[55] B.D. Ripley. Stochastic Simulation. Wiley, 1987.

[56] Smith R.L. and Tierney L. Exact transition probabilities for the independence metropolis sampler. Technical report, Statistical Laboratory, Cambridge, 1996.

[57] C.P. Robert. Convergence control techniques for Markov Chain Monte Carlo algorithms. Statistical Science, 10:231–253, 1995.

[58] C.P. Robert. Mixtures of distributions: inference and estimation. In W.R. Gilks, S. Richardson, and D.J. Spiegelhalter, editors, Markov chain Monte Carlo in Practice, pages 441–464. Chapman and Hall, 1996.

[59] C.P. Roberts and G. Casella. Monte Carlo Statistical Methods. Springer, 1999.

[60] G. O. Roberts and N. G.Polson. A note on the geometric convergence of the Gibbs sampler. J. Roy. Statist. Soc. Ser. B, 56:377–384, 1994.

[61] G. O. Roberts and J. S. Rosenthal. Convergence of slice sampler Markov chains. J Roy. Stat. Soc. B, 61:643–660, 1999.

[62] G. O. Roberts and S. K. Sahu. Updating schemes, correlation structure, blocking and parameterisation for the gibbs sampler. J. Roy. Statis. Soc., B, 59:291–397, 97.

[63] G. O. Roberts and S. K. Sahu. Rate of convergence of the gibbs sampler by gaussian approximation. 98.

[64] G.O Roberts. Methods for estimating l^2 convergence of markov chain monte carlo. In Bayesian analysis in statistics and econometrics: essays in honor or Arnold Zellner, pages 373–384. Wiley, 1996.

[65] G.O. Roberts, A. Gelman, and W.R. Gilks. Weak convergence and optimal scaling of random walk Metropolis algorithms. Ann. Applied Probability, 7:110–120, 1997.

[66] G.O. Roberts and J.S. Rosenthal. Shift-coupling and convergence rates of ergodic averages. Stochastic Models, 13, 1997.

[67] G.O. Roberts and J.S. Rosenthal. Optimal scaling of discrete approximations to Langevin diffusions. J. Roy. Stat. Soc. B, 60:255–268, 1998.

[68] G.O. Roberts and A.F.M. Smith. Simple conditions for the convergence of the Gibbs sampler and Hastings-Metropolis algorithms. Stoch. Proc. Applns., 49:207–216, 1994.

[69] G.O. Roberts and R.L. Tweedie. Exponential convergence of Langevin diffusions and their discrete approximations. Bernoulli, 2:341–364, 1996.

[70] G.O. Roberts and R.L. Tweedie. Geometric convergence and central limit theorems for multidimensional Hastings and Metropolis algorithms. Biometrika, 83:95–110, 1996.

[71] J.S. Rosenthal. Minorization conditions and convergence rates for Markov chain Monte Carlo. JASA, 90:558–566, 1995.

[72] M.J. Schervish and B.P. Carlin. On the convergence of successive substitution sampling. J. Comp. Graph. Stat., 1:111–127, 1992.

[73] A. J. Sinclair and M. R. Jerrum. Approximate counting, uniform generation, and rapidly mixing Markov chains, journal=.

[74] A.F.M. Smith and G.O. Roberts. Bayesian computation via the Gibbs sampler and related Markov chain Monte Carlo methods (with discussion). JRSSB, 55:3–24, 1993.

[75] O. Stramer and R.L. Tweedie. Geometric and subgeometric convergence of diffusions with given stationary distributions. (Preprint at http://www.stats.bris.ac.uk/MCMC/).

[76] O. Stramer and R.L. Tweedie. Self-targeting candidates for Hastings-Metropolis algorithms. (Preprint at http://www.stats.bris.ac.uk/MCMC/).

[77] P. Suomela. Construction of nearest neighbour Systems., journal=.

[78] M.A. Tanner. Tools for Statistical inference: methods for exploration of posterior distributions and likelihood functions, 3rd edition. Springer- Verlag, 1996.

[79] L. Tierney. Markov chains for exploring posterior distributions (with discussion). Ann. Statist., 22:1701–1762, 1994.

[80] L. Tierney and A. Mira. Some adaptive Monte Carlo methods for Bayesian inference. Statistics in Medicine, 1999.

[81] P. Tuominen and R.L. Tweedie. Subgeometric rates of convergence of f-ergodic Markov chains. Adv. Appl. Probab., 26:775–798, 1994.

[82] R. L. Tweedie. Criteria for classifying general Markov chains. Adv.

Appl. Probab., 8:737–771, 1976.

[83] R.S. Varga. Matrix Iterative Analysis. Prentice-Hall, 1962.

[84] J. von Neumann. Various techniques in connection with random digits.

NBS Appl. Math. Ser, 12:36–38, 1951.

[85] J. C. Whittaker. Graphical models in applied multivariate statistics.

Wiley, 1990.