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Abstract

Optimal control of finite-level quantum systems is studied and iterative solution
scheme for the optimization of a control representing laser pulses are developed.
The purpose of this external field is to channel the system’s wavefunction between
given states in its most efficient way. Physically motivated constraints, such as
limited laser resources or population suppression of certain states, are accounted
for through an appropriately chosen cost functional. First-order necessary opti-
mality conditions and second-order sufficient optimality conditions are investigated.
For solving the optimal control problems, a cascadic non-linear conjugate gradient
scheme and a monotonic scheme are discussed. Results of numerical experiments
with a representative finite-level quantum system demonstrate the effectiveness of
the optimal control formulation and efficiency and robustness of the proposed ap-
proaches.

Keywords: Quantum systems, optimal control theory, optimality conditions,
monotonic schemes, cascadic acceleration, non-linear conjugate gradient method.
AMS: 35Q40, 49A10, 49K10, 49MO05, 65M06, 81V80.

1 Introduction

Nowadays we witness a large growing interest in controlling quantum phenomena
in a variety of application systems [10, 17, 30, 31, 32, 33]. Present and perspective
applications range from quantum optics and quantum chemistry to semiconductor
nanostructures. In the last few years these research areas have received further impe-
tus from the emerging fields of quantum computation and quantum communication
[8], aiming at quantum devices where there is the need to manipulate wavefunctions
with highest possible precision.
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This high-fidelity quantum-state engineering can only be achieved putting to-
gether the most sophisticated experimental and theoretical techniques for control
of quantum systems. However, within each field of application one has come up
with its own strategies and it is only recently that a common consensus has arisen
towards the use of optimal control theory [11, 14, 22].

In the optimal control framework, one starts by defining the optimality crite-
ria in the form of a cost functional. For a desired quantum-state transition, this
functional will depend on the final state, the need to suppress population of certain
states during the control process, as well as other physically motivated constraints,
e.g., limited laser resources. The strategy is then to minimize this cost functional
while satisfying the constraints of the underlying dynamic equations governing the
evolution of quantum states; e.g., the Schrodinger equation. The calculation of the
necessary optimality conditions for this optimization problem results in a system of
coupled equations to be solved.

While we focus on quantum optimal control problems we argue that many of
the results of this paper can be extended to general time-dependent bilinear control
problems. Bilinear systems [13, 26] were introduced in the theory of automatic
control in the 1960’s for electrical engineering applications. They represent a class
of non-linear control strategies with the aim to obtain better system response than
possible with linear control. In general, the solution of most bilinear systems poses
challenging theoretical and computational problems which are open or have been
only partially addressed. This is in particular true for the control of the quantum
mechanical systems discussed in this paper.

The purpose of this paper is to present a detailed formulation of a class of optimal
control problems for finite-level quantum systems and to address their solution by
iterative methods. We prove existence of solutions to the optimal control problems
and investigate first-order necessary optimality conditions and second-order suffi-
cient optimality conditions. We review state-of-the-art monotonic iterative schemes
and their convergence properties and use these schemes as benchmark for an al-
ternative solution procedure that we propose in this paper. This procedure results
from combining an appropriate extension of a newly proposed non-linear conjugate
gradient method with a cascadic acceleration scheme. Convergence of the proposed
non-linear conjugate gradient method is proved and its competitiveness in efficiency
and robustness is demonstrated by results of numerical experiments.

In the following section we introduce the class of finite-level quantum optimal
control problems considered in this paper. Within an appropriate functional an-
alytical setting, existence of optimal solution is proved. We discuss existence of
Lagrange multiplier and first-order necessary conditions for a minimum. Second-
order sufficient optimality conditions are also discussed that allow to characterize
local minima.

In Section 3, the proposed non-linear conjugate-gradient scheme is formulated.
Under appropriate less restrictive assumptions, we prove convergence of this scheme
to a local minimizer. This scheme is embedded in a cascadic iteration to obtain
almost optimal computational complexity.

To validate the computational performance of our cascadic non-linear conjugate-
gradient scheme comparison with efficient monotonic schemes is presented showing
that the former may outperform the latter. For completeness and for comparison
of theoretical aspects, in Section 4 a detailed review of newly proposed monotonic
schemes is given.

In Section 5, results of an extended set of numerical experiments are given. We
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show that the optimal solution is quite sensitive to the required tolerance of the
norm of the gradient. We therefore discuss additional convergence criteria involv-
ing the order of accuracy of solutions. Further numerical experiments demonstrate
efficiency of the cascadic non-linear conjugate-gradient approach and its robustness
with respect to change of values of the optimization parameters.

A section of conclusion completes the exposition of our work.

2  Quantum optimal control problems

This section is devoted to the formulation of a class of finite-level quantum optimal
control problems, which are the subject of our investigations. Existence of solutions
to the optimal control problems is proved. We investigate first-order necessary
optimality conditions addressing existence and regularity issues of the Lagrange
multipliers and, correspondingly, of the control functions. To verify that the solution
to the first-order optimality conditions corresponds to a local minimum, second-order
sufficient optimality conditions are discussed.

2.1 The minimization problem

We consider localized finite-level quantum systems modeled by a Schrédinger equa-
tion for an n-component wave function 1) : [0,7] — C" as follows

ih(t) = H(e(t))p(t) for t € (0,T] and  (0) = ¢, (1)

where T' > 0 is a given terminal time, H : C — C™*" denotes the Hamiltonian matrix
depending on the external control field € : [0,7] — C and ¢y € C" is a fixed initial
condition. The Hamiltonian H = Hy + H; has two constitutive components: The
constant free Hamiltonian Hy € C™*™ describing the unperturbed (uncontrolled)
system; and Hy; : C — C™ ™ modeling the coupling of the quantum state to an
external control field e.

The choice of T' is a modeling issue motivated by physical considerations. Based
on the quantum indeterminacy principle AE At > h (where £ is the Planck constant
that we set equal to one) we can state the following: For too small T a highly
energetic optimal control results (AE > 1) thus involving many energy levels. On
the other hand, for too large T" additional decoherence channels become important,
which should be avoided; see, e.g., [17]. As a guideline, the choice of T" should be
related to the transition frequency.

Strictly speaking, the wavefunction description given in (1) is appropriate for an
isolated quantum system and in that case the governing Hamiltonian H is hermitian.
For a non-isolated system with environment couplings and subject to control, the
more general density-matrix description would be required [36]. Alternatively, we
may follow the procedure outlined in [6] to construct a non-hermitian Hamiltonian
Hj accounting for environment losses.

We focus on localized quantum systems where Hy : C — C™*" is hermitian and
possesses the following structure

Hl(z) = ZRe Hl?Re + 23m Hl%m for z = ZRe T 123m € Ca (2)
where Hige, Higm € C™*™ are constant and zge, 2, € R. Consequently,

o(Hy(z)) < Kgl|z| forall z € C, (3)
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where o(-) denotes the spectral norm of complex-valued n x n matrices, | - | stands
for the absolut value of complex numbers and Ky = 2 max{o(Hin.), 0(Higm)} > 0.
Moreover, by (3),

o(H(z)) < o(Hp) + Ko |z| forall z € C.

We call o : [0,7] — C™ a solution to (1) if 1 belongs to H(0,T;C"), 1(0) = v
holds and 1 satisfies it) = H(e(-))¢ in [0,T] almost everywhere (a.e.). For the
notion of Sobolev spaces we refer the reader to [1], for instance. Notice that (1) is
a linear system of ordinary differential equations, which therefore admits a unique
solution ¢ € H'(0,T;C") for every ¢ € L?(0,T;C). The Hilbert space L?(0,T;C")
is endowed with the canonical inner product

T
<¢a¢>L2(O,T;C") = /0 ¢ : ¢* dt  for ¢’ ¢ € L2(0’Ta Cn)a

where ‘¥’

means complex conjugate and the dot ‘-’ denotes the usual vector-scalar
product in C". We also have ||| 2. 7.cn) = (-5 172 Analogously, the inner product
and the corresponding induced norm are defined on H'(0,T;C").

To write (1) in a compact form we define the Hilbert space
Y = L*(0,T;C") x C"

endowed with the common product topology and introduce the non-linear operator
e = (e1,e2) by

e: HY0,T;C") x L*(0,T;C) — Y, (i,€) — < W — H(e())v ) .
¥(0) — o
Recall H'(0,7;C") is continuously (even compactly) embedded in C([0,T];C"),
where C(]0,T]; C™) denotes the Banach space of all continuous functions ¢ : [0,7] —
C™ that is endowed with the common norm; see [1]. Therefore, there exists an
embedding constant K; > 0 satisfying

19l co,mcmy < K1 Wl goreny  for all € HY(0,T5C). (4)

Let (¢, ¢) € HY(0,T;C") x L?(0,T;C). Then we infer from (3) that

[H(e())$(8)[2n < 0(H(e(®))*[o(8) 2 < (20(H0)? + 2K [e())?) %11 go.77:0m)

for almost all ¢ € [0, 7). Thus, H(e(-))1 belongs to L?(0,T;C") and, therefore, e; is
well-defined.

In the following we shall consider the problem of determining a control field
e € L*(0,T;C), such that (1) is fulfilled and a number of optimality criteria are
met. We assert that the control sequence drives the system at time 7' to the de-
sired target state ¥y € C". We account for limited laser resources and increased
smoothness through a minimization of the control field strengths and we require to
suppress population of intermediate states which suffer strong environment losses,
thus also enforcing our modelling choice of a non-hermitian free Hamiltonian. All
these requirements are realized in the cost functional

1 y oo
J(@,e) =5 (T) - Valon + ) lell20.7c) + 5 €132 0.7+

1 2
_,_5 Z aj H%‘HH(O,T,(C)’
jel
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where the constants v, u > 0 are regularization parameters, which allow to vary the
relative importance of the objectives represented by the various terms. We suppose
that v 4+ p > 0. In the last term of (5), which penalizes the occupation of certain
states 1;, the set I C {1,...,n} denotes a subset of possible state indices and «; > 0,
j € I, are weighting factors. Depending on the parameter p, we define the Hilbert
space X by
¥ HY(0,T;C") x L?(0,T;C) if u=0,

HY(0,T;C") x H}(0,T;C) if p>0

and supply X with the natural product topology. Then, the optimal control problem
can be written as the following abstract minimization problem

minJ(z) subject to x = (¢,e) € X and e(z) =0inY. (P)

Remark 1 1) Because of H! regularization (u > 0) we have a natural setting to
impose zero (boundary) conditions on the control field outside of the control
window [0,7]. This requirement is in agreement with the need of designing
control pulses with compact support.

2) Recall the Poincaré inequality
lell 20,0y < K2 léll p2o,mic)  for all € € Hy(0,T5C). (6)

Therefore, if 1 > 0 the L?-norm of € can be bounded by the L?norm of its
derivative. This implies that we can choose v = 0 provided p > 0 holds.

The next theorem ensures that (P) has at least one global solution.

Theorem 2 The optimal control problem (P) admits a solution (1, €) € X.
Proof. We prove the claim by two steps.

Step 1: We need an a-priori estimate for the solution of (1). For given e € L?(0,T;C),

equation (1) is a linear system of ordinary differential equations, which therefore has
a unique solution ¢ € H'(0,T;C"). We now write (1) in integral form

i (t) = iy + /Ot (Ho + Hi(e(s)))y(s)ds for 0 <t <T. (7)

Taking the Euclidean norm in C™ on both sides of (7) and using the triangle in-
equality on the right-hand side results in

t
B(Oler < olen + | (olHo) + o(H () ) [6(5) |
Now apply Gronwall’s inequality [14] to obtain
t
6(0ler < inleresp ([ (o) + otn(e(s))) as) foro <t <,

Using (3), squaring and integrating the above inequality over [0, 7] results in

190l 220.750my < VT [Yolcn exp (Cl t+ o HEHLQ(O,T;(C)) for 0 <t <T (8)
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with ¢; = To(Hp) and ¢; = VTKy. Furthermore, using the state equation (1)
yields that for every e € L*(0,T;C) with [le||z2(o.7,c) < ¢3 the corresponding states
¥ = 1)(e) are bounded in H'(0,T;C"), i.e.,

HwHHl(O,T;(C”) < ¢4 for some ¢4 > 0.
Step 2: Let {e}r>1 be a minimizing sequence for J, i.e.,
klim J (Y, &) = inf {J(z) |2 = (¥,€) € X and e(z) =0 in Y},
—00

where we denote by ¥, = (k) the unique solution to (1) for € = €x. Let v > 0 and
1 =0 hold. Hence,

J(Y(e),€) — o0 as H€HL2(0,T;<C) — 00,

so that the sequence {e;}r>1 is bounded in L?(0,7;C). Since the unit ball in a
Hilbert space is weakly compact, there exists a weakly to an ¢ € L?(0,7T’;C) conver-
gent subsequence, which we again denote by {e}r>1. Step 1 above ensures that the
corresponding sequence {1y, };>1 is bounded in H'(0, T'; C"); thus, again by choosing
a proper subsequence
Y — ¢ in H'(0,T;C"),
it follows from the Sobolev embedding theorem [1] that
Y — 1 in L*(0,T;C") and in C([0,T]; C").

We can now show that (¢, €) is a solution of the optimal control problem. Since ),
solves (1) for ¢, we have

iR (t) = iy + /Ot (Ho + Hi(ex(s)))vr(s)ds for 0 <t <T. 9)

Next, we consider the limit in & — oo of (9). The weak convergence of ¢ to € in
L?(0,T;C) implies weak convergence also for the complex conjugates, i.e., €, — €
in L2(0,T;C). Strong convergence of 1 to 1 in L?(0,T;C") allows to go to the
limit as & — oo on the right-hand side of (9). Thus we find

i0(t) = v+ [ (Ho + Hi(e())) )

which shows that 1 = 1 (e), or equivalently that e(¢,e) = 0 in Y. We finally obtain

1 ¥ 1
J(,€) = §|7/)(T) - ¢d|g:n + 9 ||€||iQ(0,T;(C) + 9 Zaj ||¢j”i2(o,T;(cn)
Jjel

1 . 2 1. . 2
< 5 Hm [ (T) = dalgn + 5 lim inf (7 H6k||L2(0,T;(C)>

1 .
+ B} Zaj k;h—{go Hwk,jH;(o,T;(cn)
Jjel
=inf {J(z) |z = (¢,€) € X and e(z) =0in Y},

where we used the lower-semicontinuity of the L?-norm. Thus we have proved that
(1, €) is a solution to (P) for v > 0 and p = 0. If g > 0 and v = 0 hold the sequence
{er}k>1 is bounded in L?(0,7;C) by the Poincaré inequality (6). Thus, the proof
follows by analogous arguments. O
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2.2 First-order necessary optimality conditions

To solve the above optimal control problem, we use the method of Lagrange mul-
tipliers (see, e.g., [22]) to turn the constrained minimization problem (P) into an
unconstrained optimization problem, and we focus on the necessary optimality con-
ditions of first-order.

We define the Lagrangian function L : X x Y — R by

Ly, e,p,q) = J(1h,€) + Re((e(i, €), (p,p0))y)
= J(W,€) + Re (i = H(e()Y,p) 2go.miemy + ((0) = ¥0) a7

To derive first-order necessary optimality conditions we need the following constraint
qualification.

Proposition 3 The operator e : X — Y is Fréchet-differentiable and its lineariza-
tion Ve(x,) is surjective for every xo = (1o, €,) € X.

Proof. We first prove the claim for the case p > 0. Let x5 = (1o,6,) € X =
H'(0,T;C") x H'(0,T;C) be arbitrary. Recall that H{(0,7;C) is continuously em-
bedded into C'([0,7; C) so that there exists an embedding constant ¢; > 0 satisfying

lelco.rey < e llellgorey for all e € Hy(0,T;C). (10)

Recall that the Hamiltonian matrix H is of the form (2). We compute the directional
derivative of the operator e. For any direction x = (1,¢€) € X, € = epe + i€gy, with
€Re, €sm € HL(0,T;R), we infer from (2) that

Ve(no)z = lim Aot he) —elzo) < it) — H(eo(-)¥ = Hi(e())¥o )
° $(0) |

AN h
Next we prove that the directional derivative is already the Fréchet-derivative. Note

that
Hy(e()y > .

0
Thus, we derive from (10), |exe(t)| < |e(t)]| and |eg, (t)| < |e(t)]

e(xo + ) — e(xo) — Ve(xo)r = (

le(zo + ) — e(zo) — Ve(xo):cH?/
T
< Kg/o () [9()]En dt < K& el om0 1¥112207:00)

2 2 2 4
< e (kuHl(O,T;C") + HGHHl(O,T;C)) = ¢z [[#|x,

where ¢y = K2/2. Consequently,

o - o) — v o .
0< tim le@etz)zelwo) = Velwolally a1 — o
llzllx \O llzll x llzll x \O

so that the directional derivative Ve(x,) is already the Fréchet-derivative.

Next we prove that the linear operator €’ (x,) is surjective for every z, = (1o, €5) € X.
Recall that ¢, € C([0,T];C™). Let (f, fo) € Y be arbitrary. Then Ve(z,)(¢,€) =
(f, fo) is equivalent with

it = H(eo(-))0) + Hy(e(-))00o + f in (0,T] and (0) = fo. (11)
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Applying (3) and (4), the right-hand side g = Hy(e(+))s + f belongs to L?(0,T;C")
for every € € L2(0,T;C). Thus, (11) is a linear system of ordinary differential
equations that admits a unique solution ¢ € H'(0,T;C") for every ¢ € L?(0,T;C).
In particular, the operator Ve(xz,) is surjective. O

Remark 4 It follows from the proof of Proposition 3 that the linear operator
ey(xo) + HY(0,T;C") — Y is bijective, where e, (z,) denotes the partial Fréchet-
derivative at z, with respect to ¢ € H(0,T;C").

Notice that the quadratic cost functional J : X — [0,00) is twice continuously
Fréchet-differentiable. Using Proposition 3 first-order necessary conditions for a
minimum are obtained by equating to zero the Fréchet derivatives of L with respect

to (1, €,p,q).

Theorem 5 Suppose that o = (Yo, €,) € X is a local solution to (P). Then there
exist (unique) Lagrange multipliers p, € H'(0,T;C") and g, € C" satisfying

o = H(eol)) e in (0,T), (122)

Yo (0) = o, (12b)
i(Po)j = (H(eo(-)) o) ; — 0 (tho); in (0,T], jel, (12c)
i(po)j = (H(eo()"po); in (0,T], j &1, (12d)
ZP(T) = ?/)(T) — Y, (12¢)

ipo(0), (12f)

—péo + YEo = Re (HlﬁRe@Z)o po) +iRe (Hl mWPo pZ) mn (Oa T]’ (12g)
eo(T) = €. (0) = 0. (12h)

in case of p > 0. Moreover, ¢, € C?([0,T];C) N C([0,T);C), i.e., € is a classical
solution. If =0 holds, (12g) and (12h) have to be replaced by

veéo = Re (Hipeo - py) + iRe (Higm¥s - ps)  in (0,T). (12g")

Proof. It follows from Proposition 3 that there exist (unique) Lagrange multi-
pliers (po, ¢o) € Y satisfying

VL(%6,po,qo) =0 in X xY. (13)

The condition L, (o, po,go) = 0 in L?(0,T;C") implies (12a), whereas the equation
Ly(z6,p0,¢0) = 0 in C™ yields (12b). Next we turn to the partial derivative of the
Lagrangian with respect to 1. Let ¢ € H(0,T;C") be arbitrary. Then we find

jel

+Re (('L¢ - H(e('))¢’p°>L2(O,T;Cn) + ¢(0) . q:> i 0.

Ly(%o,p0,40)p = §Re((wo(T) —a) - H(T)" + Y _ o (), ¢j>L2(o,T;<cn)> 14)

Using integration by parts we obtain

Re ((id — H(e())9po) 2oiziem)) = Re ({5 = H(()) Do O) s 0.ricny, it oim))
+ Re (ipo(T) - ¢(T)* — ipo(0) - $(0)*),
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where (-, ) g1 (0,75cny, 11 (0,750 Stands for the dual pairing of HY(0,T;C") and its
dual space H1(0,T;C"). We infer from (14) that (12c)—(12d) are satisfied in
HY(0,T;C"). From (3) and the fact that 1, p, € L?(0,T;C"), it follows that the
right-hand sides in (12¢)-(12d) even belong to L?(0, T; C"). Hence, p, € H'(0,T;C")
and (12¢)—(12d) hold in L?(0,7;C"). Inserting (12c¢)—(12d) in (14) implies (12e)-
(12f). In case of p > 0, we conclude from L, (Zo,po,qo)ene = 0 for all € =
€xe + i€gm € HY(0,T;C) that

T
Y <€O§R€7 6o§Re>L2(0,T;R) +u <éo§Rea éo§)‘te>[/2(O,T;]R) + Re </ epe H1ne Vo - PZ) =0
0

with €5 = €ope + i€ogm € HE(0,T;C) and eope, €ozm € Hi(0,T;R). Applying
integration by parts we derive

<éo§Re’ é§Re>L2 (0,T;R) — — <€O§Tﬁea €%€>H1(O,T;R)/,H1(O,T;R)'

Hence,
Y €ope — P éone + Re(Hinetho - ps) = 0. (15)

Analogously, Le,, (%o, Po,qo)esm = 0 for all € = epe + i€y € H'(0,T;C) implies
that

Y €oSm — M EoSm + %Q(ngmwo : pz) = 0. (16)
Multiplying (16) by the complex unit 7 and adding (15) we obtain (12g), whereas
(12h) follows directly from e, € H{(0,T;C). Since s, po € C([0,T];C"), the right-
hand side in (12g) belongs to C(]0,7];C). Thus, €, is a classical solution. In case
of ;1 = 0 we have to replace (15)-(16) by

Y €oe + §Re(I{l?Rewo : pz) =0 and 7yeogm + §R6(H1<sm¢o : pZ) =0,

respectively, so that we derive (12g’). O

Having computed a solution to the first-order conditions (12) it remains to verify
that this solution corresponds to a local minimum. For this reason, second-order
optimality conditions are considered in the next section.

2.3 Second-order sufficient optimality conditions

Suppose that z, = (1, €,) € X is an optimal solution to (P) and that (p.,q,) € Y
are the associated Lagrange multiplier satisfying (12c¢)-(12f). The second Fréchet
derivative of the Lagrangian at (x.,po, ¢o) with respect to x is given by
me(x07p07 qo)(xu .’I,')
2 12 2
= [(T)IEn +7 lelZ20r0) + llElZ20.me) + D i [19llZ20.mcm
jel

~oie( [ (ntetonuio) putorar)

for every direction x = (¢, ¢) € X.
In case of > 0 the second-order sufficient optimality conditions for (P) are as
follows (see, e.g., [25]): There exists a constant x > 0 such that

Lm(wmpo’%)(wvﬁ)v (wve)) ey (HwH%-Il(O,T;(C") + HGH?LP(O,T;(C)) (17)
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for all (¢, €) € X satisfying the linearized state equation
i = H(eo())¥ + Hi(e())to in (0,7] and  3(0) =0. (18)

It follows from Proposition 3 and Remark 4 that for every ¢ € L?(0,7;C) the
problem (18) possesses a unique solution.
In case of = 0 we have to replace (17) by

an)(xoapovqo)((wa 6)7 (wv 6)) > K (HwH?-Il(O,T;(C”) + HEH%Q(O,T;C)) : (19)

To prove the second-order sufficient optimality condition we need the following two
lemmas.

Lemma 6 Let (1o, &) € L2(0,T;C™) x L*(0,T;C) represent the linearization point
and let (¥, €) € H'(0,T;C") x L*(0,T;C) satisfy (18). Then there exists a constant
C > 0 depending on v, and €, so that

191l oo 0,150m) + 191 20,750my < Cllell20,75c)  for almost all't € (0,T]. (20)
Proof. To prove the assertion we apply Gronwall’s lemma. From (18) we have

ip(t) = i1 (0) + /0 i)(s) ds = /0 (Ho+ Hi((5))) (5) + Hi (€(5))do (5) ds

for almost all ¢ € (0,7]. Using (3) we find
t -
[Y®)len < /0 (e(Ho) + Ko [&(5)]) [12(s)lcn + Ko le(s)] [1ho ()l cn dis

¢ 1/2
. 1/2
<Ci(1+ ||eo\|ig(07T;C)) / </0 [%(5) dS) + Callell 20,750y

where C = max{2T o(H)?, 2K} and Cy = K H'l;oHLQ(QT;(Cn). Consequently,

t
(8)[En < CB((l + [léoll72(0.7:c)) /o |(s)[Zn ds + HEH%Q(O,T;(C)>

with C3 = max{2C%,2C3}. Applying Gronwall’s lemma and using ¥ (0) = 0 we
obtain

9 ~ 2 Cst(14é 12 2o 1 2
(020 < Cs 196220 mi0m €U0 0) 2,01 (21)
for almost all ¢ € (0,7] and
2 =2 C3T (142 . 2
10122 0 ey < TCs lWolaqpemy €T 20 e) o2, o0 (22)
From (21) and (22) we infer (20). O

Remark 7 If in addition to the hypotheses of Lemma 6, we have 1;0 € L>(0,T;C™)
then we can give an estimate for 1 in the H'(0,T; C")-norm. Applying (3), it follows
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that
- 2
( dt

lsamen = [ [(Ho+ HiEo(0) o) + Ha(e(s))dtt

T _ 2
< [ [(etHo) + Ko léofo)) IOl + Ko (o) o0l at

<[ " 2(o(Ho) + Ko Jeo(t))? R0 B + 25 e(t) [(0) 2
< 4 9(Hy)? ||?/)H%2(0,T;<Cn) +4K3 ||7/’H%oo(o,T;<Cn) H€O||%2(0,T;(C)

+ 28 (ol 0 0 1 lell 20,1
< G (1613 omimy + 19 a0micmy + ez )

with
~ ~ 2
Cy= maX{‘lQ(Ho)Q, ARG ||éo]|72(0 7.0y 2K3 WoHLoo(o,T;Cn)}

Thus, it follows from Lemma 6 that
191 10,70y < C llell 20,70 (23)
for a constant C5 > 0 depending on [|[t)s]| (0, 7;cn) and [[€o|| 220, 7:c)-

Lemma 8 Suppose that (1o, ¢€5) is a local solution to (P). Let a = (o) € R™ be
given by a; > 0 fori € I and oy = 0 otherwise. Then the solution p, € H'(0,T;C")
to (12c)—(12e) satisfies

Po(t)lcn < C(I?/)o(T) — Yalen + IIDonLl(o,T;Cn)) for almost all t € [0,T],

where the constant C > 0 depends on €, and D, denotes a diagonal matriz satisfying
D, = diag (a1, ...,q,) € R™™",

Proof. From (12¢)—(12d) we infer
T
(i) = o), = ([ (5 Ha(et) )l — 565 ds)j

for almost all ¢t € [0,7) and 1 < j < n. Using (3) and i po(T") = ¥ (T) — 14 it follows
that

T
Po(t)ln < [o(T) = talcn +/t (e(Ho) + Ko le(s)]) Ipo(s)lcn + [Datbo(s)len ds

< W)O(T) - Q;Z)d|(Cn + ||DQ¢OHL1(O,T;(C")
A 2 2l [T 9 1/2
+C1(1+ H€o||L2(o,T;<c)) (/t |Do(5)|n ds) ,

where C} = max{2T o(Hy)?,2K2}. Setting Cy = 4max{1,2C}?} we get
o (£)|En <

T
Co(19(7) =l + 1Dae s + (14 el [ o9 as).
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Applying Gronwall’s lemma it follows that
= Co(T—t)(1+]leo|?
|po(t)|%n S 026 2( t)( +|| HLQ(O,T;C)) <|1}Z)O(T) —_ ¢d|%n =+ ||DQ¢OH%1(O,T;C")>

for almost all ¢ € [0,7"), which gives the assertion. O

Now we turn to the second-order sufficient optimality conditions. Let x, =
(1o,€5) € X be a local solution to (P) and (po,q,) € X the associated pair of
Lagrange multipliers. Suppose that g > 0 and = = (¢, ¢) € X satisfy (18). Due to
Remark 7 and (6) there exists a constant C' > 0 such that

1
12 2
HGHLQ(O,T;C) 2 a HwHHl(O,T;C")' (24)
By Lemma 8 there exists a constant C>0 depending on €, such that
-Olen < € (16aT) = balen + |Patllsoricn ) orall e€ .71 (29

From (3), (6), (24), and (25) we derive

Lzz(xmpo’%)(xax)
. u
> 7 lelZ201c) + 5 l€l122(0 ¢y + o 191171 0.9
T
— 26 [ OOl Ol dt
o 2 Hoo02 M 2

> (w + 4—1(2> lellz2.mic) + 5 Nelz2o.mo) + 55 1M 0.y

— CKo (I%(T) — Ydlcn + \|Da¢o||L1(o,T;<Cn)) (HGH%Q(O,T;C) + ||¢H§{1(0,T;<Cn))

. H A H 2
> min {7 + E — CKj <|1/)O(T) — Ydlen + ‘|Da¢o||L1(0’T;Cn)) ’Z} HEHHl(O,T;C)

+ (L = Ko (166(T) = dulen + |1 Date] ) ) Il
°C 0 o dlcn aWollp1(o,1;Cn) H1(0,T;Cn)-

If

(26)

. 4vKs +
r¢o<T>—wd\cn+uDawouL1(07T;m<mm{ 2t i }

410K Ky 2CCK,
then

. I A I
K = 1in {7 + E - CKy (Wo(T) - ¢d|<cn + ‘|Da¢o||L1(o,T;<cn)) ’Z’

M ~
% CKy (Wo(T) — Ydlcn + HDa%HLl(o,T;C")) }

is positive and (17) holds. In case of © = 0 we replace (24) by (23). Then, the
second-order sufficient condition can be shown analogously to the case u > 0. We
summarize the results in the following theorem.

Theorem 9 Suppose that zo = (1o, €,) € X is an optimal solution to (P) and that
(Posqo) € Y are the associated (unique) Lagrange multipliers satisfying (12c¢)-(12f).
If (26) holds, then the second-order sufficient condition (17) is satisfied.
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Remark 10 The second-order sufficient optimality condition holds provided the
terminal residuum [1)5(T") — tg|cn as well as the term

T
IDabolliren = [ s (0] at

jel

are sufficiently small.

3 Non-linear conjugate gradient approach

By reviewing past and present approaches to quantum control computation, we can
identify two classes of solution procedures. On the one hand we have monotonic
schemes, based on the Krotov method, first considered in [39]; see Section 4. On the
other hand we have gradient-type methods. The latter were the first to be used in the
early day of quantum control computation [30]. Gradient-based techniques appeared
to be less competitive than monotonic schemes. However, some encouraging results
were presented in [40] where a non-linear conjugate gradient (NCG) scheme was
used. The approach in [40] was a crude generalization of the NCG method with a
special rule concerning the value of steplength (formula (2.32) in [40]). The resulting
algorithm is not always robust and convergence slow-down can be observed.

Our purpose is to show that an appropriate formulation of the NCG method with
a robust line search strategy results in a competitive scheme for quantum optimal
control problems. Two features determine the success of the scheme proposed in this
paper. The use of line search based on the Wolfe-Powell strategy and an extension
of a newly proposed formula [12] for determining conjugate search directions in the
NCG method. In this section we illustrate our NCG approach and investigate its
convergence properties.

3.1 The non-linear conjugate gradient method

We start discussing the minimization by NCG methods of a differentiable function
f:R™ — R. We denote g(x) = Vf(z), z € R™.

NCG schemes represent extensions of linear conjugate gradient (CG) to non-
quadratic problems; see, e.g., [15, 38]. In the common variants, the basic idea is to
avoid matrix operations and express the search directions recursively as

dit1 = —Gk+1 + B di, (27)
for k =1,2,..., with dy = —g;. The iterates for a minimum point are given by
Tht1 = Tk + T di, (28)

where 7 > 0 is a steplength. The parameter [ is chosen so that (27)—(28) reduces
to the linear CG scheme if f is a strictly convex quadratic function and 7y is the exact
one-dimensional minimizer of f along dj. In this case the NCG scheme terminates
in at most n steps in exact arithmetic.

We focus on the NCG scheme of Dai and Yuan [12] based on the formula

<gk+17 Jk+1 >Rm
B = BPY = R
K <d/€) yk‘>Rm
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where yr = gr+1—9gk- In [12], convergence of the proposed NCG scheme is established
requiring that the steplength 7, satisfies the standard Wolfe conditions given by

flew) = flen + Trdy) > =07k (gk, di) gm

and
(g(er + Thdr), di)gm > 0 (Gks i) gm »

with 0 < 0 < 0 < 1. Replacing the second of these two conditions above with the
following, results in the strong Wolfe conditions

[(g(er + Tidr), diygm | < —0 (gk, dit) g

with 0 < d < 0 < 1/2; see [15].

Next, we discuss the minimization of a real-valued differentiable function denoted
by J(€), representing the reduced cost functional J(1(e),€), where v (e) denotes
the solution to the state equation (1). Denote with g(e) = V.J(e). Note that

g(e) € HY(0,T;C) for > 0 and g(e) € L?(0,T;C) for = 0. Thus, we define

E=H}0,T;C)if u>0 or E=L*0,T;C)if u=0.

We define | ”2
O T (29)
We require that the steplength 7, satisfies
J(er) = J(ex + pdi) > —0muRe (gr, di) (30)
(g(er + Tdy,), di) p > oRe (gr, di) (31)

where the parameters are still chosen such that: 0 < 6 < o < 1/2. The quality
of line search in non-linear CG algorithms is crucial to preserve mutual conjugacy
property of search directions and to ensure that each generated direction is one of
descent. We use the Wolfe-Powell strategy to determine 7y; see [27].

In the present framework, a sufficient descent condition is given by

Re (g, di)p < —¢llgkll

for some ¢ > 0 and for all £ > 1, is guaranteed only replacing (31) with the stronger
condition

[(g(er + Trdp), di) | < —oRe (gr, di)

(and ¢ = 1/(1 + o) results).
We consider the following NCG scheme

Algorithm 11 (NCG method)
Step 1. Given k=1, e1, dy = —g1, if ||g1||p < tol then stop.
Step 2. Compute 1, > 0 satisfying (30)—(31).
Step 3. Let €41 = € + 71 dy.
Step 4. Compute g1 = Vj(ekﬂ).
If lgk+1l|E < tolaps or ||gr+1llE < toler ||g1]|E or k = kmax then stop.
Step 5. Compute [y by (29).
Step 6. Let dgy1 = —Gry1 + B di..
Step 7. Set k =k + 1, goto Step 2.
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In the remaining of this section we discuss convergence of the NCG scheme
defined above. We need the following assumption.

Assumption 12 (1) J is bounded from below and is continAuously Areal differen-
tiable in a neighborhood N of the level set L ={e € E: J(e) < J(e1)}.

(2) V.J is Lipschitz continuous in N, i.e. there exists a constant L > 0 such that
IVJ(e1) = V(e2)llp < Lller — €2l y  for all er,e3 €N

Notice that in our setting Assumption 12-(1) is satisfied. Moreover, € — J(e)
is twice continuously Fréchet-differentiable so that Assumption 12-(2) holds at least
locally.

We have

Re (g1, dii1) g = Re (Grit, =g + Oedi) p = — g1l + Bx Re (grr1, di)
9
HngrlHE e

2
— — _— d
lgp+1llE + Re (dis i) (Grt1,dr)

=
= Ngenlls g Re (g di) ) = B Re gr. di) v
Re (e pry s 0 (i k) + Re {gier. di) ) = B Re {gi di) g

Therefore we have
o e <9k+1adk+1>E

5k B %6 <gl€)dk‘>E

Now we need the following lemma which is an extension of Lemma 3.2 in [12].

(32)

Lemma 13 Suppose that €1 is a starting point for which Assumption 12 is satisfied
and consider any method of the form ex11 = €+ Ty di, where dy, is a descent direction
and T, satisfies (30)—~(31). Then the following Zoutendijk condition holds

Z Re (gr, di) <

2 il
Proof. From (31) it follows that
Re (yr, dk) p = Re (grr1 — Gk, di) p > (0 — 1) Re (gk, di) -
The Lipschitz condition implies that
Re (Yr, dr) g = Re (gra1 — grr di) g < 7oL ||dil|

Combining the two inequalities one obtains

> o—1 %e(gk,;le
L lldx|| %

This result combined with (30) gives

Re (g, d) 5
k|| %

where ¢ = 0(1 — 0)/L is a positive constant. Summing up for k£ > 1 and recalling
that J is bounded below concludes the proof. O

We can now prove the following theorem representing an extension of Theorem
3.3 in [12].

J(er) — J(ep 4 rdy) > —6mRe (gr, di) p > ¢
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Theorem 14 Suppose that €1 is a starting point for which Assumption 12 holds. Let
the sequence {e,}r>1 be generated by the NCG Algorithm 11. Then this algorithm
either terminates at the stationary point or converges in the sense that

liminf ||gx|| z = 0.
k—o0
If, in addition, the sequence {||dx||E/||lgk||£} is bounded then limy_. ||gk||E = 0.

Proof. First notice that if the NCG algorithm does not terminate after finite
many iterations, we have
llgrllz >0 for all k.

Next we show that the search directions are descent, in the sense that

Re (gr, di) p < 0. (33)

This is obvious for £ = 1. Now assume that it holds for k£ and recall the following
two results

Re (Yk, d)p > (0 — 1) Re (gr, di) g (34)
and
Re (grt 1, dry1) g = Br Re (gr, di) - (35)
Therefore, we obtain
Re (Grv1, k1) g = Ox Re (gr, di) p = M% (9 di) s M <0.
Re (di, yr) g T (o1

That is (33) holds for all k£ (and hence g > 0 for all k).

Now, consider the scalar product of both sides of diy1 + gr+1 = Brdi with
themselves. We have ||dy+1]|% = B2l di||% — 2Re (gr+1, dkt+1) B — ||gk+1]|%- Dividing
with Re(gri1,drs1)? and using (32), we obtain

ldeailll  _ lldelln ( 1 gkl ) L
Re (g1, dier1)y Re(grdi)y  \lgerille  Re{grer, drsr)p lgks1ll%
dk | 1
T Relgr,di)y  llorallm
and for k = 1 we have ||d1[|%/Re(g1,d1)% = 1/||g1]|%. Therefore we have
dy |2 a
191l > forall k> 1. (36)

2 —
Re gk, di) e i l9ille

The proof of the theorem is concluded with a contradiction argument. If the theorem
is not true, then there exists a constant ¢ > 0 such that ||gi||g > ¢ for all £ > 1 and
from (36) it follows that

k|15
Re (g, i) 5

Z%e@kvdk > e Zl:
Idi ik

k
<3

which implies that

k>1

thus contradicting Lemma 13. O
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3.2 Cascadic acceleration

The cascadic approach results from combining nested iteration techniques with (one-
grid) iterative schemes. The idea is to spend more iteration on coarser grids to
obtain a solution that, when interpolated to a finer grid, provides a good starting
approximation for the iteration process on this grid. A schematic description of
this method is given by the following. Let lev = levy,...,levy be the index of
a hierarchy of nested grids, from coarsest to finest. Let zj.,, represents a given
starting approximation on the coarsest grid of the cascadic solution process and
denote with 155571 an interpolation operator from grid lev — 1 to grid lev. Denote

with Siey(ziey) the basic iteration. With * we denote the obtained solution.
We have

*
xlevo =  Tlevy

* _ lev * . * _ QMiew [ % _

Tlow = oo 1%10n_1; Tloy = Spor? (Tiey), lev =levg +1,...,levy,

where my,, is the number of iterations at level lev.

For the formulation of the so-called cascadic multigrid method and its analysis
see [5]. In particular in [5, 37], a cascadic conjugate gradient method is discussed
and optimal computational complexity for elliptic problems is proved.

While we are not able to extend the convergence theory in [5, 37] to the case
of nonconvex optimization problems using the NCG scheme, we obtain consider-
able improvement with respect to one-grid NCG with the cascadic version of our
NCG scheme. We denote the resulting scheme by C-NCG. For results of numerical
experiments, see Section 5.

4 Monotonic schemes for quantum control

Monotonic schemes have been initially introduced in a general framework by Krotov
[18, 19, 20]. Following this approach, Tannor et al [39] and then Zhu & Rabitz
[42] have proposed two procedures for quantum control. These algorithms have a
common basis, as it appears in [24], where a unified form is presented. Other ex-
tensions have then been designed to obtain bounded and bang-bang controls [41],
stochastic monotonic schemes [35] or to optimize more general cost functionals [28]
and systems involving dissipative states [29]. Recently, a relationship between these
algorithms and local trajectory tracking procedures has been established, providing
an interpretation of these schemes [35]. At the theoretical level, some proofs of the
convergence of the monotonic schemes have been presented using either compactness
and semi-group theory [21] or the Lojasiewicz inequality and its extensions [2]. On
the other hand, usual time discretization of the monotonic schemes often leads to
instabilities that prevent to reach numerical convergence. This problem is studied
in [23, 34], where an appropriate time discretization is proposed which avoids in-
stability. In order to tackle the control problem of the finite-level system presented
in the section of numerical experiments, we present here a time discretized mono-
tonic scheme based on a Crank-Nicholson propagator. The resulting algorithm is
unconditionally stable and allows us to work with a large range of time steps.

For simplicity, throughout this section we will consider that 4 = 0 and require
the following assumption that characterizes dissipation in the system.
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Assumption 15 We assume that

<L.HO¢,¢> <0 for all ¢€H1(0,T;Cn)-
¢ L2(0,T;Cn)

For reason of simplicity, we introduce an auxiliary cost functional

~ . ~ 1
J(€) == Re(Yg - »(T)) - 5 el 2070y + 5 (W AY) 2 rien);
where 1) and € are linked by (1) and A is defined by
Hy— H}
A = —Zaﬂﬁj - fow.
jel

We consider the optimal control problem corresponding to the maximization of J(¢)
under the constraint (1). Notice that this problem is equivalent to the optimal
control problem (P) since

o N 1 0
J(€) = |tolgn — Re(¥ - ¥(T)) — 5 WMD) 2o rieny + 5 lellZ20.7c)
= [¢olZn — J(e)-
We assume that the following holds.
Assumption 16 The parameters o fulfill the condition:
Hy— H}
_Zaj|¢j|2_<70 ' 0¢,¢> >0 forallyeCm.
el v L2(0,T;C")

With this assumption, the operator A is positive. This condition is necessary to
guarantee the monotonicity of our algorithm.

_ Before presenting a monotonic scheme corresponding to the maximization of
J(€) = J(¢(e),€), we need to compute the increase of this cost functional between
two control fields. Let us first define the Lagrange multiplier ¢ by

iq = (Hg + Hi(c(-)) g + Av (37)
iq(T) = —a.

Consider two fields € and ¢, and the corresponding wavefunctions 1 and 1)/, and
Lagrange multipliers ¢ and ¢/, respectively. We have

J(e) = J(e) = Re(w- (W (T) = ¥(T))) + Re(Av, v — ) 120 1cny

1 / /
5 (W' =¥, A" =) 20 1,0m) (38)

i 2 2
) e ||L2(0,T;(C) - H€HL2(0,T;<C) :

Focusing on the first two terms of this sum, we obtain
Re(vg - (V'(T) —»(T))) + Re (A, &' — ) g cm)
= Re(iq(T)" - (V'(T) — (1)) + Re (Ap, ¥ =) 12 1om)
_ %e< g, Ho + Hl(ﬁl('))w _ Ho+ Hl(G('))w>
: : L2(0,T;Cn)
+Re (=i, 0" =) 2o 1.0m) + Re (A, 0" = ) 129 1cmy
= Re (q, (H1(€' () = Hi(e())V') 2 (0,750m)-
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Thus, the increase of J reads as follows
J(e)=J(e) = /O Re(q(s)" - (H1(€'(s)) — H(e(5))¥'(5)) = 5 (|€'(5)[* = [e(s)[”) ds
+% (W =, A" =) 1200 150y (39)

This formula is the starting point for the design of the monotonic algorithm. For
example, we have the following result.

Lemma 17 Given e € L?(0,T;C), suppose there exists ¢ such that
ehelt) = ene(t) + ~Rela(t)” - Hanet (1),
i (t) = cam(t) + ZRe(at) - Hram (1)
Then J(¢') > J(e).

4.1 Time discretized algorithm

Due to their sequential feature, monotonic schemes require a particular time dis-
cretization in order to keep their monotonicity at the discrete level. This discretiza-
tion is discuseed in detail in this section.

For any given integer IV, let us introduce the discretization parameter dt defined
by N ot =T and €/ = epe +i€3m,.¢, Ve, o that stand respectively for approximations
of €(ldt), ¥(lot), q(Lst). Moreover, we denote by H, the approximation of the
Hamiltonian Hy + Hi(e(¢0t)).

Given an initial state 9, we solve numerically (1) and (37) by a Crank-Nicholson
scheme. This discretization gives rise to the following iteration

Yey1 = ( d— 6t2_ljg) 1(1 &He)lﬂe (40)
and
g = (Id + 5tH’f ) (Id - &2[? )71%1 — iStAY (41)
igN = —q,

where I is the identity matrix. Since Hj(e) is hermitian and because of Assumption
15, the following uniform bounds can be obtained

[Yelen < [Yolens |aelen < T p(A) [tholcn + [Yalen forall ¢=0,...,N —1. (42)

We also introduce the time discretized cost functional
B ’Y 5 t N—l
Jse(€) = Re(vg - ¥n) — Z leel? + 5 Z(AWH i)

(=0

Consider two control fields € and ¢/. Repeating the computations of the previous
section at the discrete level, we obtain the following equivalent of (39)

_ _ N1 St
Tsle) = Tule) = > Relqi - DHwY) = 1= (16 — ledl?)
=0
575N 1
+5 AW, — ), (43)
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where

OtHyN\ -1 otH otH,
DHy =1 (Id—i-—.Z) (Id_ .£)<Id_ L
21 21 21

)" (e ) 1)

We now present a monotonic scheme to optimize J~5t. First, notice that given
€ = (er)o<e<n-1 and v, the term Re[qy - AHe)] — 6t%(|e)* — |ee|?) in (43) only
depends on €. Starting from this remark, the algorithm we propose consists in
optimizing recursively each term of the first sum in (43) with respect to €, via one
iteration of a Newton method.

Let us compute a Taylor expansion with respect to de; = €;,—€; = depe ¢+ 10€gm ¢
Defining AHy = Hy(¢') — Hi(¢), we have

. ot oot StH\ 1 .
(q7 - DHy) :5( 7 - AHppy) + " |:QE -AH, (Id - 2—Z> AH@%]
1
+ 0((AH@)2),

where

. otH? OtH*
qe = Id+<fd+ .£)<Id_ -
21 21

g = (1= 20 .

—1
) )Qe = qr+ Qo1 + 10tAYp g,

This increase can then be expressed in terms of the quantity dep

5t Seme 5t [ Seper \© . Seme
(q; DHuy) = A{( et >+Z< o vf> (usth)( o 7’5>

2 desm,e0 desm,e0 desm,e0

+ 0(((56@)2),

where T stands for transpose and the matrices Ay and By are given by

o H T’
(@ - Hinety) Bpig B
Ae == ) Be - B ’ B ’ ) (44)
(a? . ngmqﬁz) ?,2,1 0,2,2
with
N SLHN -1 -
Be,l,l = (Qe - Hige (I - 2—2) Hl%sﬂ%)
N StH\ 1 )
Bioz = (@ - Hism(lo— =50)  Hismi)
Bpi12= B2
1], OtH,\ 1 . OtHyN\—1 .
=3 [C]@ : {H1%m<Id - 2—2) Higet)y + Hige (Id - ) Hl%m¢2} ]

On the other hand, one has

T T
/12 2 €Re,l O€Re,0 O€Re,0 O€Re,0
|6€| - |€f| =2 + )
€Sm b desm,e0 desm,e0 desm,e0
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and the increase of the cost functional reads
Nl € 7 se
T T _ 1 B Re,l Re, L
Jsi(€) — Jsi(e) = ot Z <2§R€Ae 0l < oy > > < Secsme )

=0
T
_< d€Re,r ><%§m3£+%12)< O€Ret )+0((56£)2)

d€sm, v 0€Sm, 0
N—1

= (W — ) - AW — b)),

£=0

ot
2

~

+

where I, denotes the identity matrix of R2.

Algorithm 18 (Crank-Nicholson monotonic scheme (CNMS)) Given an ini-
tial control amplitude € and its associated state ° and Lagrange multiplier ¢°, sup-
pose that V*, ¢*, €*, have already been computed. The derivation of YF+1, ¢F+1,
e**1 is done as follows.

Forward propagation: Given wlgﬂ =1y, compute recursively wﬁrll from wéfﬂ by

Step 1. (Newton iteration) Compute elZ"’l by

k41 k k
€Re, 0 e, 0 1(575@ B ’YI>_1 1% Ak e 0 4
’ — y — — L _ _ ; . 5
< eﬁﬂ ) ( ek ) + 2\4 Smby + 2 2 2 e ek%m,é ( )

[m,l Im,l
Step 2. Compute wéfill by (40).

Backward propagation: Given qé‘;vﬂ = 11hq, compute recursively qéf“ from qéfj:ll

by (41).

4.2 Convergence of the algorithm

We present some results concerning the convergence of the CNMS. An important
property of this scheme is that the sequence (€¥)rcn is bounded, as claimed in the
next lemma.

Lemma 19 For small enough 0t, there exist M, such that
Vk €N, V0=0..N —1, |, | < M, |e&, | <M.
Proof. Consider an initial control field €’ and define m and M by

m = 2K [olcn ([valcr + p(A) (T + btlipolcn))
2
M o= 4 max €Y.
vy 4=0..N—-1
Let us denote by Ag. ¢ and Ag,, ¢ the components of Ay. Given e, the estimates (42)
and the definition (44) give
m
(Ho)+Kolee|
1— 5tp 0 : 0l€e

max(|Anee|, [Agm,e|) <

A similar estimate can be obtained for the coefficients of By. Let us denote by b the
bound obtained for ¢, < M.
Given k,¢ € N, suppose that max(|el,_,|,|e% ,[) < M and that 6t is such that:

m
< M~.
p(Ho)+KoM —
1 —5t%
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The iteration (45) reads
5k
et = (I — 6F)eb + ﬁ%eA’g,

where: 5t

oF = (%%mBéf + 1)L
Since the coefficients of Béf are bounded by b, it can be supposed that the diagonal
coefficients of 0% belong to [1/2,3/2] and the others to [—1/8,1/8]. Then

k+1
’65)?6,2

IN

8514 1051 5|
k k k k ’ 21,1 £,1,2
11— 671 11l€Re,el + 1071 21|50l + BTN |ReA, | + Tmez‘li,z\

IN

(|1 - 55,1,1| + |5§,1,1|)M <M,

where §5, ; denotes the components of 6F. The same result holds for \eg;l oI The
lemma follows. O
The next lemma gives a result about the monotonicity of CNMS.

Lemma 20 For small enough dt, the CNMS converges monotonically, in the sense
that B N
30> 0, Ja("Hh) = Tau(eh) 2 nllf - eFRa.

Proof. The increase of J~5t between two iterations reads

- ~ Sty "= 5t A=
Te(e 1) = Top(eh) = 5 D7 106f P + 5 D0 (0 — )" - AWy — vr))
(=0 £=0

N-1
+ Z ReRy,
(=0
where

‘ ot ok sk \T sek
ng N (qf .DHEQ'Z%H)_E(AIE)T < 55’2%# >+6t2 < 565&72 > Sme ( 565&2 ) .

[m,l
Using the Taylor-Lagrange formula and Lemma 19, we obtain
Ri = |ej|* o(0),

and the result follows. O
Further analysis shows that there exists v > 0 such that

IV Tse () lon1 < ol = e flona,

where Vj(;t denotes the gradient of j(;t with respect to e. This fact combined with
Lemma 20 enable us to claim the following convergence result.

Theorem 21 For all initial value €0, the sequence (¢*)ren converges towards a crit-
ical point of Js;. Denoting by €*° this limit, there exists ¢ > 0 and x > 0 such that:

Hek — GOOH(CNA < ck™X.

Note that, for large values of v, it can be proved that the convergence rate is indeed
linear. We refer the Reader to [34] for the details of the proof.
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5 Numerical experiments

We present results of numerical experiments with a representative three-level quan-
tum system whose configuration is represented by 1 = (11, 2,13) € H(0,T;C3)
which consists of two long-lived states ¢ and vy, which are energetically separated
by some amount 0, and a state 13, which has a finite lifetime because of envi-
ronment coupling (wiggled line); see Figure 1. Such A-type configurations have a
long-standing history in quantum optics and have been demonstrated successful in
the explanation of many coherence-phenomena in atomic systems [3]; more recently,
similar configurations have received increasing attention also in semiconductor quan-
tum dots [16].

3

v -0
w1

Figure 1: Prototypical A-type three-level scheme: 11 and 1 are long-lived states whereas
13 is a short-lived state which is optically coupled to both 1 and vs; wiggled line indicates
relaxation and dephasing of state 3.

Time evolution of this finite-level quantum system is governed by the following
Hamiltonian [3, 16]

1 -0 0 0
Hy=2( 0 4 0 : (46)
0 0 —i’yo

where the term —i7yy accounts for environment losses (e.g., spontaneous photon
emissions). The coupling to the external field € = e, + i€g,, reads

1 0 0 pe
Hi(e)=—5| 0 0 poe |, (47)
wi€* e 0
where p1 and po describe the coupling strengths of states ¢ and o to the inter-

connecting state 13 (e.g., optical dipole matrix elements).
Typical initial and final states are given by

1 0
¢0 = 0 and Q/Jd = e—iét ,
0 0

respectively.
Concerning the optimality condition (12g) we have

1 0 0 H1 1 0 0 i/,Ll

Hl?Re = —= 0 0 125 and Hl%m = ——= 0 0 i,uz
2 2 . .

w1 p2 O —ipy —ipy 0
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Assuming that the system is initially prepared in state w1, that is ¢ = vy, we
use the optimal control approach to determine the most efficient way to bring the
system from ; to 9. The form of Hi(e) is such that direct optical transition
between 1 and 15 is forbidden. The presence of the third auxiliary state 3 allows
this transition through intermediate population transfer while introducing losses
because of environment coupling. Therefore we require to find a sequence of laser
pulses that minimizes the population of level 13 along evolution.

In this section, we report results of experiments to show the importance of a
sufficiently small tolerance which needs be defined in an appropriate way. We give
evidence that using the second-order Crank-Nicholson scheme for evolution, second-
order accurate solutions of the optimization problems are obtained. We compare
the non-linear CG scheme with the monotonic method showing that the former
may result more efficient and robust. We then provide results that demonstrate
improved convergence properties of NCG with cascadic acceleration. We complete
this section discussing the different solution behavior for different choices of values
of the optimization parameters.

Some of problems’ parameters are held fixed. We choose § = 20, v = 0.01,
pr=1, =10, =0,a,=0,and T = 5.

To determine the evolution of state and adjoint variables we consider an implicit
second-order Crank-Nicholson scheme. Given the solution at time step ¢, the value
of the wave function at the next time step £+ 1 is given by

o1 — e 1 1
RSn S O = Hpby.
5 5 1%+ + 5 Heve
Thus 141 is given by
ot _ ot
Yrer = (la = o Hee) ™ Lo+ - Hoy, £=0,.. N — 1.

In case of finite-level quantum systems, the operator (1 d—l—i%H ¢+1) Is a nxXn complex
matrix which is easily invertible. The formula above holds for the adjoint equation
marching backwards by inverting the time direction. Notice that this scheme is
slightly different from the one presented in Section 4.1, this latter being relevant to
the sequential feature of the CNMS scheme.

First we focus on the problem of assessing convergence of iterative solvers to
quantum optimal control solutions. We give evidence that optimal solutions are
quite sensitive to the order of tolerance required in computations. For this purpose
consider the results reported in Table 5. These results have been obtained using the
convergence criteria

Jk+1 _ Jk

Jk

where J* is the value of the reduced cost functional after k iterations. This criteria
is commonly used in the scientific computing community and typical values for the
tolerance are tol € (1075,107*). One should notice that in case of minimization
problems with flat minima basins, such convergence criteria may be misleading.
This fact can be partly seen in Table 5 considering the values of [)(T") — 14|cs and
of J. In Figure 2, a more dramatic picture is given of how sensitive the optimal
solution is with respect to the chosen tolerance.

On the other hand, resulting values of the discrete L?(0,T’; C)-norm (denoted by
Il - ||) of the residual of the optimality conditions (12g), ||res.||, suggest to use this

< tol
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tol |lrese]] [(T) — qlcs J CPU
107% 293.-10% 546-107%  7.69-1072 1.09
1076 1.49-1073  2.99-1072%  6.77-1073  3.04
1078 239.-10°  3.13-107%  6.77-1073  5.43
10710 523.100% 3.15-107% 6.77-1073 8.18
10712 884-1077 3.15-10%  6.77-1073 28.29

Table 1: Optimization results for different values of tolerance.

Control e(t)

Figure 2: Control fields computed with different choices of tolerance tol =
{107%,1078} (from left to right).

value in order to have a robust convergence criteria. In fact, we use the criteria as
given in NCG Algorithm 11, that is,

lgps1ll < tolaps and ||gri1|l < tolre || g1l

where we take tol,.; = 10tolps.

An open issue in the numerical analysis of quantum optimal control problems
is the order of accuracy of optimal solutions with respect to (temporal) mesh size.
While not obvious, we should expect second-order convergence when using second-
order marching schemes for the state and adjoint equations. To show this fact, and
since it is difficult to define an exact solution for this class of problems, we adopt
the following strategy [9].

Consider a hierarchy of nested meshes with N = 2/* where lev is the level index.
We take the solution on a fine mesh lev as the reference solution for computing the

lev—1
error on the next coarser mesh lev — 1 as follows Cpk Jey—1 = Yidev—1 — Loy Yk lew,

kE=1,2,3, and ecjep—1 = €ev—1 — Ill:gflelev where Ill:gfl is injection. In Table 5
we report results for different meshes and different values of tolerance obtained with
the NCG scheme. We see that for sufficiently small tol,;s second-order accuracy is
attained. This result suggests a way to assess convergence of optimal solutions. In
Table 5 we report values of norm of residuals. Because at each time step the exact
solution of the implicit Crank-Nicholson scheme is performed, residuals of state
and adjoint equations are computer zero. On the other hand we see that ||res| is
representative of the attained accuracy of the solution.

In Table 5 results are reported to compare the computational performance of the
NCG scheme (no cascadic acceleration) and the CNMS scheme for different choices

of tolerance and mesh sizes. We see that the NCG scheme provides increasing better
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tolaps =107 N | llegygev—1ll  lleysiev—1ll  ll€pstev—1ll  ll€etev—1]]

512 | 1.4-1072 54-1003 42-10°% 6.1-10°13
1024 | 35-107%  1.3-10% 1.0-107® 6.8-1073
2048 | 89-107* 33-100* 26-107* 1.7-107°
4096 | 2.2-100%  87-107° 7.0-100° 3.6-107*
tolgps = 1077 N Hewl,lev—lu ||6w2,lev—1H Hewg,lev—ln Hee,lev—lu

512 | 1.4-1072 5.2-107% 42-107°% 6.3-10713
1024 | 35-107% 14-10% 1.1-107% 6.0-1073
2048 | 86-107* 37-107* 32-100* 1.3-107°
4096 | 2.2-100* 81-107° 7.2-107° 3.7-10°%
tolaps = 10°3 N Hewl,lev—lu ||6w2,lev—1H Hewg,lev—ln |€5,lev—1H

512 | 1.4-1072 72-107% 55-100° 6.5-1071
1024 | 3.5-107% 1.3-107% 19-103% 4.4-1073
2048 | 9.2-107* 5.7-100* 5.2-107* 82-107*
4096 | 2.3-100*  98-107° 12-100* 3.6-107*

Table 2: Approximation results for different meshes; N = 2t€?,

tol [resel [resy|| [[resp|l

107% 29-107% 6.5-10718 5.9.1071°
1076 15-107% 6.3-1071 4.2.10°1°
1078 24-107° 6.3-10713 4.2.1071°
10719 52.1076 6.2.-1071 4.1.1071°
1072 88-1077 6.1-1071 4.0-10715

Table 3: Residuals on mesh N = 8192 for different values of tolerance.

performance as tol,,s is taken smaller and N is taken larger. Further experiments
show lack of robustness of the CNMS scheme when ~ is sufficiently small.

In Table 5, the performance of the NCG scheme and its accelerated version,
C-NCG, are compared. We see a dramatic improvement with the C-NCG version
especially for moderate values of «. Taking smaller + the optimal control problem
becomes more ill-conditioned (stiff) and more computational effort is required for
convergence.

We now discuss the effect of different choices of values of the optimization pa-
rameters using the results reported in Table 5. As required we see that smaller
values of [1)(T) — tg|cs are attained for smaller . We remark that v = 1077 is
quite small and that makes the problem ill-conditioned. The NCG algorithm ap-
pears to be robust with respect to changes of v. We also can see the effect of the

N = 2048 N = 4096

tolyys | CPU(NCG) CPU(CNMS) | CPU(NCG) CPU(CNMS)
101 1.17 1.28 2.32 1.39
107° 4.32 12.63 9.26 15.92
1076 5.01 48.00 17.21 no conv

Table 4: Computational efforts of the NCG scheme and the CNMS scheme for
different choices of tolerance.
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y=10"% v =10
N CPU(NCG) CPU(C-NCG) | CPU(NCG) CPU(C-NCG)
4096 40.54 6.26 254.70 58.10
8192 112.57 12.71 319.46 134.00
16384 312.17 27.42 626.84 279.46

Table 5: Computational effort to solve for toly,s = 107%; 79 = 0.01, a3 = 0.05; in
C-NCG coarsest level N = 1024.

gl o a | [(T) = thales J CPU
107 1007 0.05 8.6-107% 2.37-107%  19.6
10°7 107 0.05 3.7-1074 5.46-107*  55.6
10007 0  0.05 6.9-107° 1.41-107% 424.8
10077 0 0 1.2-1073 2.33-107% 763.1
107* 100* 0.05 3.3-1072 6.52-1072 47.3
107* 107% 0.05 4.4-1073 9.03-1073% 423
107 0 0.05 2.7-1073 5.68-1073 17.2
107% 0 0 831073 3.34-107* 5.5

Table 6: Optimization results depending on optimization parameters, tolg,s = 1077,

regularization parameter p. As p increases, [¢)(T) — 14|cs increases, demonstrating
that the additional smoothness of the control function (slightly) reduces the capabil-
ity of tracking. Apparently, larger p makes the problem behaving better, resulting
in a smaller number of iterations. Concerning the parameter o = ag we obtain
better tracking for nonzero a. This is expected since we have |¢4|cs = 1 whereas
|t(T)|cs < 1 whenever vy > 0, because of dissipation. By taking o > 0 dissipation
is reduced and therefore better |¢)(T) — 14|c3 is possibly achieved.

6 Conclusions and outlook

A representative optimal control problem for finite-level quantum systems was for-
mulated and investigated. First-order necessary optimality conditions and second-
order sufficient optimality conditions were discussed.

To solve this problem a new cascadic non-linear conjugate gradient (C-NCG)
scheme was proposed and compared with state-of-the-art monotonic schemes. Con-
vergence of the NCG scheme was discussed. Results of numerical experiments were
reported to demonstrate the efficiency and robustness of the proposed approach.

The formulation of the C-NCG scheme appears independent of the dimensional-
ity of the problem. It is the purpose of a forthcoming work to extend this method
to infinite-dimensional quantum optimal control problems.
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